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PROTEIN MODELING TOOLS 

GOVERNMENT INTERESTS 

The instant invention was partially supported by a grant from the United 
States government under grant No GM-48835 awarded by the National Institutes of 
Health. As a result, the government may have certain rights in the invention. 

RELATED APPLICATIONS 



This application claims the benefit of priority under 35 U.S.C. § 1 1 9(e) of 
U.S. provisional patent application serial numbers 60/1 17, 570, filed January 27, 
1 5 1 999, and 60/1 1 8,844, filed February 5,1999. Each of the aforementioned 

applications is explicitly incorporated by reference int heir entirety and for all 
purposes. 



FIELD OF THE INVENTION 

This invention concerns tools useftil for modeling the three-dimensional 
structure of proteins. Specifically, the invention concerns algorithms, computer 
systems, and methods for determining, predicting, and/or refining three-dimensional 
structures of proteins. 

BACKGROUND OF THE INVENTION 

The following description of the background of the invention is provided to 
aid in understanding the invention. It is not an admission that any of the information 
provided herein is prior art to the presently claimed invention, nor that any of the 
publications specifically or implicitly referenced are prior art to that invention. 

A central tenet of modem biology is that heritable genetic information 
resides in a nucleic acid genome, and that the information embodied in such nucleic 
acids directs cell function. This occurs through the expression of various genes in 
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the genome of an organism and regulation of the expression of such genes. The 
pattern of which subset of genes in an organism is expressed at a particular time in a 
particular cell defines the phenotype, and ultimately cell and tissue types. While the 
least genetically complex organisms, /.e,, viruses, contain on the order of 10-50 
genes and require components supplied by a cell of another organism in order to 
reproduce, the genomes of independent, living organisms (i.e., those having a 
genome that encodes for all the information required for the organism to survive and 
reproduce) that are the least genetically complex have more than 400 genes (for 
example. Mycoplasma genitalium). More complex, multicellular organisms (eg., 
mice or humans) contain genomes believed to be comprised of tens of thousands or 
more genes, each of which codes for one or more different expression products. 

Some of these genes are transcribed, but not translated; thus, the final gene 
products of these genes are RNA molecules (for example, ribosomal RNAs, small 
nuclear RNAs, transfer RNAs, and ribozymes (z.e, RNA molecules having 
endoribonuclease catalj^c activity). However, most RNAs are niRNAs, and these 
are translated into proteins. The particular sequence of the ribonucleotides 
incorporated into an RNA as it is synthesized is dictated by the gene found in the 
genomic DNA from which it was transcribed. In the translation of an mRNA, the 
particular nucleotide sequence determines the particular amino acid sequence of the 
protein translated therefi-om, and it is a protein's amino acid sequence that ultimately 
determines its three-dimensional structure, taking into account the thermodynamics 
of the system in which the protein is assembled. Significantly, three-dimensional 
structure dictates the particular biological fiinction(s) of any biomolecule, including 
proteins. 

The elegant simplicity of the foregoing schema is obscured by the 
complexity and size of the genomes found in living systems. For example, the 
haploid human genome comprises about 3x10' (three billion) nucleotides spread 
across 23 chromosomes. However, it is currently estimated that less than 5% of this 
encodes the approximately 80,000-100,000 different protein-coding genes believed 
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to be encoded by the human genome. Because of its tremendous size, to date only a 
portion of the human genome has been sequenced and deposited in genome 
sequence databases, and the positions of many genes and their exact nucleotide 
sequences remain unknown. Moreover, the biological function(s) of the gene 
products encoded by many of the genes sequenced so far remain unknown. Similar 
situations exist with respect to the genomes of many other organisms. 

Notwithstanding such complexities, numerous genome sequence efforts 
designed to determine the exact sequence of the nucleotides found in genomic DNA 
of various organisms are underway and significant progress has been made. For 
example, the Human Genome Project began with the specific goal of obtaining the 
complete sequence of the human genome and determining the biochemical 
function(s) of each gene. To date, the project has resulted in sequencing a 
substantial portion of the human genome (J. Roach, http://weber.u.washington.edu/ 
—roach/human genome progress2.html) (Gibbs, 1995), and is on track for its 
scheduled completion in the near future. At least twenty-one other genomes have 
already been sequenced, including, for example, M genitalium (Eraser et al.^ 1995), 
M. jannaschii (Bult et aL, 1996), H. influenzae (Fleischmann e/a/., 1995), E, coli 
(Blattner et al., 1997), and yeast (5. cerevisiae) (Mewes et aL^ 1997). Significant 
progress has also been made in sequencing the genomes of model organisms, such 
as mouse, C. elegans, and D. melanogaster. Several databases containing genomic 
information aimotated with some functional information are maintained by different 
organizations, and are accessible via the internet, for example, 
http:/www.tigr.org/tdb; http://www.genetics.wisc.edu; http://genome- 
www.stanford.edu/~ball; http://hiv-web.lanl.gov; http://www.ncbi.nlm.nih.gov; 
http://www.ebi.ac.uk; htq5://pasteur.fr/other/biology; and, http://www- 
genome . wi .mit. edu . 

Such sequencing projects result in vast amounts of nucleotide sequence 
information, which is typically deposited in genome sequence databases. However, 
these raw data (much of it being known only at the cDNA level), being devoid of 
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corresponding information about genes and protein structure or function, are in and 
of themselves of extremely limited use (Koonin, et al (1998), Curr. Opin. Struct 
Biol., vol. 8:355-363). Thus, the practical exploitation of the vast numbers of 
sequences in such genome sequence databases is crucially dependent on the ability 
to identify genes and, for example, the function(s) of gene-encoded proteins. 

To maximize the utility of such nucleotide sequence information, it must be 
interpreted. Various tools have been developed to assist in this process. For 
example, algorithms have been developed to analyze what a particular nucleotide 
sequence encodes, e,g. , a regulatory region, an open reading frame (ORF), 
particularly for protein sequences, or a non-translated RNA, based on homology 
with known sequences (which are presumed to have similar structures and related 
functions). See, e^., "Frames" (Genetics Computer Group, Madison, WI; 
www.gcg.com), which is used for identifying ORFs. For sequences predicted or 
determined to be ORFs, it is possible to determine the amino acid sequence of the 
protein encoded thereby using simple analytical tools well known in the art. For 
example, see "Translate" (Genetics Computer Group, Madison, WI; www.gcg.com). 
However, to date determination of the primary structure of a protein in and of itself 
provides little, if any, functional information about the protein or its corresponding 
gene. Thus, the ability to predict the three-dimensional structure of a protein from 
its amino acid sequence is of great theoretical*'^ and practical importance.^ 

In practice, structure prediction can be attempted on various levels, ranging 
from purely de novo, or "a6 initio^*' approaches to those that incorporate constraints 
derived from experimental data. The latter aspect of protein structure modeling has 
recently attracted significant attention'^ due to its possible application to model 
building based on structural constraints provided by nuclear magnetic resonance 
(NMR),^ x-ray crystallography, or other experimental methods. 

Perhaps the most useful method developed to date for predicting three- 
dimensional protein structures is the MONSSTER (Mo deling of New Structures 
from Secondary and Tertiary Restraints) algorithm.^ MONSSTER provides a well- 
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defined protocol for identifying moderate-resolution native-like three-dimensional 
5 structures jfrom known secondary structure and a small number of tertiary constraints 
based on alpha-carbon ("Ca") positions the amino acid residues of the protein. 

That having been said, when a large number of distance constraints between 
atoms comprising amino acid residues of a protein are obtained from NMR or other 
experimental methods, and possibly from homology-based theoretical models of 

10 protein stmcture, more standard algorithms'"*^ are the tools of choice. These 

algorithms are based on purely geometrical considerations, followed by restrained 
molecular dynamics refinement of the model structures.*'^ However, in many real 
life situations, the number of available geometric constraints (e.g., interatomic 
distances, bond angles, etc.) is relatively small and limited, particularly in the early 

15 stages of structure determination based on experimental methods such as NMR. 

When the available geometric constraints are too sparse to define even a moderate 
resolution structure (z.e, a cRMSD of about 4-6 A), it is necessary to use modeling 
methods that employ a reasonable force field capable of providing an overall 
protein-like bias. In such a case, even a small number of distance constraints could 

20 be sufficient to guide folding to the correct structure. Due to the necessity of 
sampling a substantial part of the protein conformational space, any such an 
algorithm should be computationally efficient. Moreover, the force field of the 
model should be able to correct for. The MONSSTER method is relatively efficient 
from a computational standpoint and can compensate for some errors in the provided 

25 set of Ca distance constraints. Significantly, however, even tiiough MONSSTER is 
relatively efficient, the computational demands of that method have limited its 
application to proteins containing no more than 150 amino acid residues. 

In the past several years, there also have been a number of other studies that 
have utilized experimentally derived secondary structure and a limited nmnber of 

30 known, experimentally derived tertiary constraints to predict the global fold of a 
globular protein. In particular, Smith-Brown et al!^ reported the modeling of a 
protein as a chain of glycine residues. Tertiary constraints were reported to have 
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been encoded via a biharmonic potential, with folding forced to proceed sequentially 
via successive implementation of those constraints. Using such methods, those 
authors reported that a substantial number of tertiary constraints were required to 
assemble a three-dimensional protein structure. 

Another effort to predict the global fold of a protein from a limited number 
of distance constraints has been reported by Aszodi et aL^ Their approach was 
based on the use of distance geometry where a set of experimentally derived tertiary 
distance constraints was supplemented by a set of predicted distances between 
amino acid residues. The predicted distances were reported as being obtained from 
pattems of conserved hydrophobic amino acid residues that had been extracted from 
multiple sequence alignments with respect to the parent sequence. In general, they 
reported that when assembling structures below 5 A cRMSD, on average, more than 
N/4 constraints are required, where ''N" is the number of amino acid residues in the 
protein. Even then, the method reported by Aszodi et aL had difficulty selecting the 
correct fold from competing alternatives, although the approach was very rapid, with 
a calculation taking on the order of minutes on a typical contemporary workstation. 

SUMMARY OF THE INVENTION 

It is the object of this invention to provide new algorithms, methods, and 
computer systems that employ partial knowledge of known protein secondary 
structure and a small number of tertiary, or long range, constraints to determine the 
three-dimensional structure of a "targef ' protein. Here, "partial knowledge" means 
that there is no requirement for a detailed description of the local secondary structure 
in terms of ^ and T bond angles or their lattice equivalent. Instead, a three-letter 
code for secondary structure (H-helix, E-extended, and (-) everything else) is used as 
an input, wherein each amino acid residue of the protein is assigned an H, E, or - 
code. For a given protein, its corresponding H/E/- code is translated by software 
into loosely defined preferred ranges of local intrachain distances. It is not 
necessary that all, or even a part, of the three-dimensional structure of the target 
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protein be known, as the invention can be practiced using primary amino sequence 
information, whether derived from protein sequencing experiments or deduced from 
the coding region of a nucleic acid encoding tiie protein. 

In particular, the invention relates to a new lattice protein model, termed 
"SICHO" (Side Chain Only), that focuses explicitly on the side chain center of mass 
positions of the amino acid residues of a target protein, and treats the protein 
backbone. The force field used in SICHO comprises short-range interactions that 
reflect secondary propensities and short-range packing biases, a geometrically 
implicit model of cooperative hydrogen bonds, and explicit burial, that is residues 
buried in the protein core and not exposed to water, pair interactions between side 
chains, and multi-body, involving three or more side chains tertiary interactions. 
The advantages afforded by the invention are due to more efficient protein 
representations and a new definition of the model force field that, when combined 
with a small number of long-range harmonic constraints (eg^., known side chain 
contacts), result in rapid collapse and assembly of a three-dimensional structure of 
the target protein. Additionally, because of the way the model and force field are 
implemented, SICHO 's computational efficiency scales with a lower portion of the 
chain length, /.e., the number of amino acid residues comprising the target protein. 
Accordingly, the invention provides for the rapid, computationally efficient 
generation of one or more three-dimensional structures of one or more target 
proteins of known or deduced amino acid sequence. 

Thus, a first aspect of the invention concerns methods for converting an 
aligrunent of a probe or "target" amino acid sequence with a template amino acid 
sequence into one or more three-dimensional reduced protein models comprising 
representations of side chains of amino acid residues comprising the target amino 
acid sequence. In some embodiments, the target amino acid sequence comprises a 
sequence of all of the amino acid residues of a protein. In other embodiments, the 
target amino acid sequence comprises a sequence of less than all of the amino acid 
residues of a protein, for example, a protein fragment or protein domain. A "probe 
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amino acid sequence" is a sequence of amino acid residues whose three-dimensional 
structure or a "target amino acid sequence"is being determined byt hemethods of the 
invention, and can also be referred to as a "target" amino acid sequence, protein, 
protein fragment, or domain. In some embodiments of the invention, the target 
amino acid sequence will be deduced from a nucleotide sequence. 

A "template" amino acid sequence refers to a sequence of amino acid 
residues against which the target amino acid sequence is comparatively aligned. 
Typically, the template amino acid sequence, in addition to having a known 
sequence of amino acid residues, will also comprise structural or conformation 
information. For example, such information can include secondary, supersecondary, 
tertiary, or quaternary stmctural information. 

Target and template amino acid sequences can be aligned by any suitable 
method. Representative alignment algorithms are described below, and any suitable 
alignment algorithm can be employed in the practice of the invention. In preferred 
embodiments, the alignment is a threading alignment, prepared by a threading 
algorithm. 

In various embodiments, the conversion of an alignment of a target amino 
acid sequence with a template amino acid sequence into one or more three- 
dimensional reduced protein models comprising representations of side chains of 
amino acid residues comprising the target amino acid sequence is performed using a 
computer. The alignment is input into the computer (for example, from a data 
storage device, another computer, a user interface, etc.), and a program , or computer 
control logic, instructs the computer (typically the processor, one or more which 
may be present depending on the computer used) to manipulate the alignment to 
produce a three-dimensional reduced protein model. Preferably, several different 
models are produced from any given alignment by varying one or more of the 
constraints imposed by the program. Each of the models can be output from the 
computer to an output device, e.g., a projection system (for example, a monitor) or 
to another device, such as a storage device. Preferably, the lowest energy model, or 
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several low energy models (for example, 2-10 ), is(are) retained for a given target 
amino acid sequence. If desired, that model can then be used for various purposes, 
for example, to view the three-dimensional structure of the target amino acid 
sequence or by another computer program, e.g., a program that can identify protein 
functional sites. A reduced model according to the invention can also be used to 
build more refined, or detailed, structural models, including heavy atom models and 
all-atom models. 

Another aspect of the invention concerns computer programs that can 
convert an alignment of a target amino acid sequence with a template amino acid 
sequence into one or more three-dimensional reduced protein models comprising 
representations of side chains of amino acid residues comprising the probe amino 

2 5 acid sequence. In certain embodiments, such programs utilize at least one secondary 
constraint and one tertiary constraint for each side chain center of mass present in 
the probe amino acid sequence. In other embodiments, only some of the amino acid 
residues represented in the probe amino acid sequence have at least one tertiary 
and/or at least one secondary constraint that is acted on by the computer program. 

20 Embodiments of secondary constraints include those indicating the presence of a 
helix, and extended conformation, or anything else. Embodiments of tertiary 
constraints include positions in continuous three-dimensional space, positions 
lattice-based three-dimensional space, ranges of such positions, distances, ranges of 
distances, bond angles, ranges of bond angles, etc. 

25 Embodiments of the invention that concern computer-assisted methods for 

determining a three-dimensional structure of a target amino acid sequence using a 
computer include those wherein the computer comprises a processor configured to 
receive and output data in accordance with executable code, i.e,, a program or 
computer control logic. Such methods include first inputting into the computer an 

30 alignment of a probe amino acid sequence with a template amino acid sequence. 
Then, by way of executable code, the processor is directed to produce from the 
alignment a three-dimensional reduced protein model comprised of representations 
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of side chains of amino acid residues comprising the target protein. This 
representation can then be ou^ut to an output device or to a storage device. 

In preferred embodiments, the executable code comprises instructions for 
converting representations of the side chains of amino acid residues of the target 
protein to interaction centers (which can be represented as "beads" or pseudoatoms) 
connected by virtual covalent bonds. Each interaction center typically comprises a 
pseudoatom representing a center of mass of the side chain of the represented amino 
acid to which the interaction center corresponds, and each interaction center, except 
for the interaction centers representing the amino and carboxy terminal amino acid 
residues of the protein, is connected to an immediately proximal interaction center 
and an immediately distal interaction center via a virtual covalent bond to produce 
an interaction center chain. The program then projects the interaction center chain 
onto an underlying cubic lattice to produce a projected chain of interaction centers. 
In many embodiments, interaction centers have identity constraints associated 
therewith. Secondary constraints and/or tertiary constraints are then applied to a 
subset of, or all of, the interaction centers of the interaction center chain so as to 
produce a data set representing a three-dimensional model structure of the target 
protein. This method can further comprise iterating the foregoing steps. In each 
iteration, a different set of secondary and/or tertiary constraints can be applied to the 
interaction centers to produce a series of data sets representing three-dimensional 
model structures of the target protein. An energy computation can then be made for 
each member of the series of data sets. The data set(s) having tiie lowest computed 
energy(ies) are then preferably retained. Preferably, 1, 2, 3, 4, 5, 6, 7; 8, 9, or 10 of 
the lowest energy data sets are retained or output to a data storage system to produce 
a stored data set. Alternatively, or in addition, one or more members of the data set 
can be output to an output device, such as a monitor on which the model can be 
visualized as a three-dimensional representation of the target protein. The member 
of the series of data sets having the lowest calculated energy can represent best, or 
highest quality, three-dimensional model structure of the target protein. 
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5 

Definitions 

The following terms have the following meanings when used herein and in 
the appended claims. Terms not specifically defined herein have their art recognized 
meaning. 

2Q As used herein, an "amino acid" is a molecule having the structure wherein a 

central carbon atom (the alpha (a)-carbon atom) is linked to a hydrogen atom, a 
carboxylic acid group (the carbon atom of which is referred to herein as a "carboxyl 
carbon atom"), an amino group (the nitrogen atom of which is referred to herein as 
an "amino nitrogen atom"), and a side chain group, R. When incorporated into a 

1 5 peptide, polypeptide, or protein, an amino acid loses one or more atoms of its amino 
and carboxylic groups in the dehydration reaction that links one amino acid to 
another. As a result, when incorporated into a protein, an amino acid is referred to 
as an "amino acid residue." In the case of naturally occurring proteins, an amino 
acid residue's R group differentiates the 20 amino acids from which proteins are 

20 synthesized, although one or more amino acid residues in a protein may be 

derivatized or modified following incorporation into protein in biological systems 
{e.g,, by glycosylation and/or by the formation of cystine through the oxidation of 
the thiol side chains of two non-adjacent cysteine amino acid residues, resulting in a 
disulfide covalent bond that frequently plays an important role in stabilizing the 

25 folded conformation of a protein, etc.). As those in the art will appreciate, non- 

naturally occurring amino acids can also be incorporated into proteins, particularly 
those produced by synthetic methods, including solid state and other automated 
synthesis methods. Examples of such amino acids include, without limitation, a- 
amino isobutyric acid, 4-amino butyric acid, L-amino butyric acid, 6-amino 

30 hexanoic acid, 2-amino isobutyric acid, 3-amino propionic acid, ornithine, 

norlensine, norvaline, hydroxproline, sarcosine, citralline, cysteic acid, t-butylglyine, 
t-butylalanine, phenylylycine, cyclohexylalanine, P-alanine, fluoro-amino acids, 
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designer amino acids (eg., P-methyl amino acids, a-methyl amino acids, Na-methyl 
5 amino acids) and amino acid analogs in general. In addition, when an a-carbon 
atom has four different groups (as is the case with the 20 amino acids used by 
biological systems to synthesize proteins, except for glycine, which has two 
hydrogen atoms bonded to the a carbon atom), two different enantiomeric forms of 
each amino acid exist, designated D and L. In mammals, only L-amino acids are 
10 incorporated into naturally occurring polypeptides. Of course, the instant invention 
envisions proteins incorporating one or more D- and L- amino acids, as well as 
proteins comprised of just D- or L- amino acid residues. 

As used herein, a "P-carbon atom" refers to the carbon atom (if present) in 
the R group of the side chain of an amino acid (or amino acid residue) that is 
1 5 covalently bonded to the a-carbon atom of that amino acid (or residue). For 

purposes of this invention, glycine is the only naturally occurring amino acid found 
in mammalian proteins that does not contain a p-carbon atom. 

A "side chain center of mass" of an amino acid or amino acid residue refers 
to the calculated position in three-dimensional space of the center of mass of the 
sum total of the masses of all atoms comprising that side chain, although it may also 
include the alpha carbon and/or amino nitrogen of a particular amino acid or residue 
thereof. Herein, a side chain center of mass is preferably represented as a single 
pseudoatom. 

Conventional amino acid residue abbreviations are used throughout this 
patent, and both the one and three letter codes are reproduced here for convenience: 
alanine = "A" or "Ala"; arginine = "R" or "Arg"; asparagine = "N" or "Asn"; 
aspartic acid = "D" or "Asp"; cysteine = "C" or "Cys"; glutamic acid = "E" or "Glu" 
glutamine = "Q" or "Ghi"; glycine = "G" or "Gly"; histidine = "H" or "His"; 
isoleucme = "I" or "He"; leucine = "L" or "Leu"; lysine "K" or "Lys"; methionine = 
50 "M" or "Mef '; phenylalanine = "F" of "Phe"; proline "P" or "Pro"; serine = "S" or 
"Ser"; threonine = "T' or "Thr"; tryptophan = "W" or "Trp"; tyrosine = "Y" or 
"Tyr"; and valine = "V" or "Val". Amino acid sequences are written from carboxy- 
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to amino-temiinus, unless otherwise indicated. Conventional nucleic acid 
nomenclature is also used, wherein "A" means adenine, "C" means cytosine, "G" 
means guanine, "T' means thymine, and "U" means uracil. Nucleotide sequences 
are written from 5' to 3', unless otherwise indicated. 

"Protein" refers to any polymer of two or more individual amino acids 
(whether or not naturally occurring) linked via a peptide bond, and occurs when the 
carboxyl carbon atom of the carboxylic acid group bonded to the a-carbon of one 
amino acid (or amino acid residue) becomes covalently bound to the amino nitrogen 
atom of amino group bonded to the a-carbon of an adjacent amino acid. These 
peptide bond linkages, and the atoms comprising them (/.e, a-carbon atoms, 
carboxyl carbon atoms (and their substituent oxygen atoms), and amino nitrogen 
atoms (and their substituent hydrogen atoms)) form the "polypeptide backbone" of 
the protein. In simplest terms, the polypeptide backbone shall be understood to refer 
the amino nitrogen atoms, a-carbon atoms, and carboxyl carbon atoms of the 
protein, although two or more of these atoms (with or without their substituent 
atoms) may also be represented as a pseudoatom. 

The term "protein" is understood to include the terms "polypeptide" and 
"peptide" (which, at times, may be used interchangeably herein) within its meaning. 
In addition, proteins comprising multiple polypeptide subunits (e.g., DNA 
polymerase EI, RNA polymerase 11), as well as other non-proteinaceuos catalytic 
molecules (e.g., ribozymes) will also be understood to be included within the 
meaning of "protein" as used herein. Similarly, "protein fragments," i.e., stretches 
of amino acid residues that comprise fewer than all of the amino acid residues of a 
protein, are also within the scope of the invention and may be referred to herein as 
"proteins." Additionally, "protein domains" are also included within the term 
"protein." A "protein domain" represents a portion of a protein comprised of its 
own semi-independent folded region having its own characteristic spherical 
geometry with hydrophobic core and polar exterior. 
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In biological systems (be they in vivo or in vitro, including cell-free, 
systems), the particular amino acid sequence of a given protein (/.e., the 
polypeptide's "primary structure," when written from the amino-terminus to 
carboxy-terminus) is determined by the nucleotide sequence of the coding portion of 
a messenger RNA ("mRNA") molecule, which is in turn specified by genetic 
information, typically plasmid or genomic DNA (which, for purposes of this 
invention, is understood to include organelle DNA, for example, mitochondrial 
DNA and chloroplast DNA, as well as forms of viral genomes integrated into the 
genomic DNA of a host cell). Of course, any type of nucleic acid which constitutes 
the genome of a particular organism (e.g., double-stranded DNA in the case of most 
animals and plants, single or double-stranded RNA in the case of some viruses, etc.) 
is understood to code for the gene product(s) of the particular organism. Messenger 
RNA is translated on a ribosome, which catalyzes the polymerization of a free 
amino acid, the particular identity of which is specified by the particular codon (with 
respect to mRNA, three adjacent A, G, C, or U ribonucleotides in the mRNA's 
coding region) of the mRNA then being translated, to a nascent polypeptide. 
Recombinant DNA techniques have enabled the large-scale syiithesis of 
polypeptides (e.g., human insulin, human growth hormone, erythropoietin, 
granulocyte colony stimulating factor, etc.) having the same primary sequence as 
when produced naturally in living organisms. In addition, such technology has 
allowed the synthesis of analogs of these and other proteins, which analogs may 
contain one or more amino acid deletions, insertions, and/or substitutions as 
compared to the native proteins. Recombinant DNA technology also enables the 
synthesis of entirely novel proteins. 

In non-biological systems (e.g., those employing solid state synthesis), the 
primary structure of a protein (which also includes disulfide (cystine) bond 
locations) can be determined by the user. As a result, polypeptides having a primary 
structure that duplicates that of a biologically produced protein can be achieved, as 
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can analogs of such proteins. In addition, completely novel polypeptides can also be 
synthesized, as can proteins incorporating non-naturally occurring amino acids. 

In a protein, the peptide bonds between adjacent amino acid residues are 
resonance hybrids of two different electron isomeric structures, wherein a bond 
between a carbonyl carbon (the carbon atom of the carboxylic acid group of one 
amino acid after its incorporation into a protein) and a nitrogen atom of the amino 
group of the a-carbon of the next amino acid places the carbonyl carbon 
approximately 1 .33 A away from the nitrogen atom of the next amino acid, a 
distance about midway between the distances that would be expected for a double 
bond (about 1 .25 A) and a single bond (about 1 .45 A). This partial double bond 
character prevents free rotation of the carbonyl carbon and amino nitrogen about the 
covalent bond therebetween under physiological conditions. As a result, the atoms 
bonded to the carbonyl carbon and amino nitrogen reside in the same plane, and 
provide discrete regions of structural rigidity, and hence conformational 
predictability, in proteins. 

Beyond the peptide bond, each amino acid residue contributes two additional 
single covalent bonds to the polypeptide chain. While the peptide bond limits 
rotational freedom of the carbonyl carbon and the amino nitrogen of adjacent amino 
acids, the single bonds of each residue (between the a-carbon and carbonyl carbon 
(the phi (9) bond) and between the a-carbon and amino nitrogen (the psi (\|/) bond) 
of each amino acid residue), have greater rotational freedom. For example, the 
rotational angles for cp and v|/ bonds for certain common regular secondary structures 
are listed in the following table: 
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Antiparallel P-strand 
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B 15 




139 


135 







^ "Helix pitch" refers to the distance between repeating turns on a line drawn parallel to the 
helix axis. Bond angles associated with other secondary structures are known in the art, or can be 
determined experimentally using standard techniques. 
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Similarly, the single bond between a a-carbon and its attached R-group 
provides limited rotational freedom. Collectively, such structural flexibility enables 
a number of possible conformations to be assumed at a given region within a 
polypeptide. As discussed in greater detail below, the particular conformation 

25 actually assumed depends on thermodynamic considerations, with the lowest energy 
conformation being preferred. 

In addition to primary structure, proteins also have secondary, tertiary, and, 
in multi-subunit proteins, quaternary structure. "Secondary structure" refers to local 
conformation of the polypeptide chain, with reference to the covalently linked atoms 

30 of the peptide bonds and a-carbon linkages that string the amino acid residues of the 
protein together. Side chain groups are not typically included in such descriptions. 
Representative examples of secondary structures include a helices, parallel and anti- 
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parallel (3 structures, and structural motifs such as helix-tum-helix, P-a-P, the 
leucine zipper, the zinc finger, the P-barrel, and the immunoglobulin fold. 
Movement of such domains relative to each other often relates to biological function 
and, in proteins having more than one function, different binding or effector sites 
can be located in different domains. 

"Tertiary structure" concerns the overall three-dimensional structure of a 
protein, including the spatial relationships of amino acid residue side chains and the 
geometric relationship of different regions of the protein. "Quaternary structure" 
relates to the structure and non-covalent association of different polj^eptide 
subunits in a multisubunit protein. 

. A "functional site" refers to any site in a protein that has a function. 
Representative examples include active sites {i.e., those sites in catalytic proteins 
where catalysis occurs), protein-protein interaction sites, sites for chemical 
modification (e^., glycosylation and phosphorylation sites), and ligand binding 
sites. Ligand binding sites include, but are not limited to, metal binding sites, co- 
factor binding sites, antigen binding sites, substrate channels and tunnels, and 
substrate binding sites. In an enzyme, a ligand binding site that is a substrate 
binding site may also be an active site. 

A "pseudoatom" refers to a position in three dimensional space (represented 
typically by an x, y, and z coordinate set) that represents the average (or weighted 
average) position of two or more atoms in a protein or amino acid. Representative 
examples of a pseudoatom include an amino acid side chain center of mass and the 
center of mass (or, alternatively, the average position) of an a-carbon atom and the 
carboxyl atom bonded thereto. Hypothetical covalent bonds between pseudoatoms, 
or between a pseudoatom and another atom, are referred to herein as "virtual 
covalent bonds." 

A "geometric constraint" or "tertiary constraint" refers to a spatial parameter 
with respect to an atom or group of atoms (eg., an amino acid, the R-group of an 
amino acid, the center of mass of an R-group of an amino acid, a pseudoatom, etc.). 



SD-144976.1 



18 



250/076 



Accordingly, such constraints can be rqiresented by coordinates in three 
2 dimensions, for example, as having a certain position, or range of positions, along x, 
y, and z coordinates (i.e., a "coordinate set"). Alternatively, a geometric or tertiary 
constraint can be represented as a distance, or range of distances, between a 
particular atom (or pseudoatom, group of atoms, etc) and another atom (or 
pseudoatom, group of atoms, eta). Tertiary constraints can also be represented by 
2Q various types of angles, including the angle of bonds (particularly covalent bonds, 
e.g., cp bonds and \\j bonds) between atoms in an amino acid residue, between atoms 
in different amino acid residues, and between atoms in an amino acid residue of a 
protein and another molecule, e.g., a ligand, with ranges for each angle being 
preferred. 

1 5 A "conformational constraint" or "secondary constraint** refers to the 

presence of a particular protein conformation, for example, an a-helix, parallel and 
antiparallel P strands, leucine zipper, zinc finger, etc. in which an amino acid 
residue, or group of residues, is located. In addition, conformational or secondary 
constraints can include amino acid sequence information without additional 

20 structural information. As an example, "-C-X-X-C-" is a conformational constraint 
indicating that two cysteine residues must be separated by two other amino acid 
residues, the identities of each of which are irrelevant in the context of this particular 
constraint. 

An "identity constraint" refers to a constraint that indicates the identity of a 
25 particular amino acid residue at a particular amino acid position in a protein. 

Typically, an amino acid position is determined by counting from the amino- 
terminal residue of the protein up to and including the residue in question. As those 
in the art will appreciate, comparison between related proteins may reveal that the 
identity of a particular amino acid residue at a given amino acid position in a protein 
30 is not entirely conserved, Le., different amino acid residues may be present at a 

particular amino acid position in related proteins, or even in allelic or other variants 
of the same protein. 
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To "relax" a constraint refers to the inclusion of a user-defined variance 
therein. The degree of relaxation will depend on the particular constraint and its 
application. 

As those in the art are aware, protein structures can be of different quality. 
Presently, the highest quality determination methods are experimental structure 
prediction methods based on x-ray crystallography and/or NMR spectroscopy. In x- 
ray crystallography, "high resolution" structures are those wherein atomic positions 
are determined at a resolution of about 2 A or less, and enable the determination of 
the three-dimensional positioning of each atom (or at least each non-hydrogen atom) 
of a protein. "Medium resolution" structures are those wherein atomic positioning is 
determined at about the 2-4 A level, while "low resolution" structures are those 
wherein the atomic positioning is determined in about the 4-8 A range. Herein, 
protein structures that have been determined by x-ray crystallography or NMR may 
be referred to as "experimental structures," as compared to those determined by 
computational methods, z.e., derived from the application of one or more computer 
algorithms to a primary amino acid sequence to predict protein structure. 

As alluded to above, protein structures can also be determined entirely by 
computational methods, including, but not limited to, homology modeling, 
threading, and ab initio methods. Often, models produced by such computational 
methods are "reduced" models. A "reduced model" refers to a three-dimensional 
structural model of a protein wherein fewer than all heavy atoms (e.g., carbon, 
oxygen, nitrogen, and sulfur atoms) of the protein are represented. For example, a 
reduced model might consist of just the a-carbon atoms of the protein, with each 
amino acid connected to the subsequent amino acid by a virtual bond. In one 
embodiment, reduced models are those comprised only of side chain centers of 
mass. As will be appreciated by those in the art, more detailed model structures of a 
protein can be assembled from a reduced model. For example, a reduced model 
comprised only of amino acid residue side chain centers of mass implicifly specifies 
the location of the atoms comprising the side chain, as well the position of the 
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peptide backbone. Accordingly, whatever greater level of atomic detail is required, 
if any, for the particular application can be added to a reduced model, and it is 
understood that once a protein structure based on a reduced model has been 
generated, all or a portion of it may be further refined to include additional predicted 
detail, up to including all atom positions. 

Computational methods usually produce lower quality structures than 
experimental methods, and the models produced by computational methods are often 
called "inexact models." While not necessary in order to practice the instant 
methods, the precision of these predicted models can be determined using a 
benchmark set of proteins whose stmctures are already known. For example, the 
predicted model can be compared to a corresponding experimentally determined 
structure. The difference between the predicted model and the experimentally 
determined structure is quantified via a measure called "root mean square deviation" 
(RMSD). A model having an RMSD of about 2.0 A or less as compared to a 
corresponding experimentally determined structure is considered "high quality". 
Frequently, predicted models have an RMSD of about 2.0 A to about 6.0 A when 
compared to one or more experimentally determined structures, and are called 
"inexact models". As those in the art will appreciate, RMSDs can also be 
determined for one or more atomic positions when two or experimental structures 
have been generated for the same protein, 

BRIEF DESCRIPTION OF THE DRAWINGS 

Figure 1 . Illustration of the protein chain representation. (A) For a short 
expanded fragment and (B) for a helical fragment. The solid circles correspond to 
explicitly simulated side chain centers of mass. The open circles indicate the 
expected positions of the a-carbons. 
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Figure 2. Some examples of bonds comiecting three successive side-chain 
united atoms. (A) The open circles in the upper panel correspond to a subset of 
possible positions of a third side chain given that the positions of the two preceding 
units (solid circles) are fixed and (B) illustration of excluded volume clusters. The 
solid dots correspond to the three lattice points along the axis orthogonal to the 
displayed slice. The open circles correspond to a single point in the plane. 

Figure 3. Examples of the conformational transitions employed in the Monte 
Carlo algorithm: (A) three examples of possible two-bond moves (the number of 
possibilities is much larger), (B) an example of a chain-end update, (C) an example 
of a three-bond move, and (D) a rigid body-like displacement of a larger portion of 
the model chain. 

Figure 4. Explanation of geometry used for the definition of the six terms 
describing the sequence-specific short-range interactions. 

Figure 5. Illustration of model hydrogen bond geometry. The hydrogen 
bonds are shown by open arrows. 

Figure 6. Geometry employed in the definition of the helical bias. 

Figure 7. Geometry employed in the definition of the extended, P-state bias. 

Figure 8. Folfl of 36cn obtained using 20 tertiary restraints compared with 
the native structure. The picture has been prepared using MOLMOL'*^. The native 
secondary structure boimdaries (helices and p-strands) have been superimposed on 
the predicted structure. A slight distortion of one helix (bottom right of the figure) 
and some distortions of tha central P-sheet are noticeable. 
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Fig. 9. Representative structure of 4fab obtained using 16 tertiary restraints 
5 compared with the native structure. 

Figure 10. Schematic illustration of a protein representation. The fragment 
of a detailed protein structure (main chain backbone and the side chains in thinner 
sticks) is shown in black. The gray sticks correspond to the virtual bonds of the 
2Q model chains, connecting the centers of mass of groups of atoms consisting of side 
chains and alpha carbons. 

Figure 1 1 . Lattice representation of the model chain and its excluded 
volume. The sticks correspond to the model chain virtual bonds. Excluded volume 
J 5 of each model amino acid is represented by 19 points on the underlying cubic lattice 
with the mesh size equal to 1 .45 A. The black dots correspond to three lattice points 
along the axis orthogonal to the picture plane (one in the plane, one below and one 
above the plane). The open circles correspond to single lattice points in the picture 
plane. 
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Figure 12. A fragment of the model chain and a set of vectors w employed 
in the definition of the short-range polypeptide chain stiffness. 

Figure 13. Schematic illustration of the main chain's "hydrogen bonds". 
25 Residue i is hydrogen bonded to residue j and k because the vectors h{ and -hi 

coimect with any of the points forming of the excluded volume clusters (the clusters 
are symbolically shown as large spheres) of these residues. 

Figure 14. Fragment of the model template chain (shown in the black sticks) 
3Q and the template tube formed by the chain of spheres. The target chain (not shown 
in the drawing) is allowed to move in the tube with a penalty associated with all 
excursion from the tube. 
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Figure 1 5. Flow chart illustrating the molecular modeling procedure 
described in the text 

Figure 16. Stereo drawings of the two models of plastocyanin (in gray) 
superimposed onto crystallographic structure 2pcy (in black). The upper panel 
shows the model obtained by MODELLER from the threading alignment, the lower 
panel shows the model obtained by the procedure described in this work. For the 
ease of illustration, only the alpha carbon traces are shown. 

Figure 17. Stereo drawings of the two models of the cytochrome 256b (in 
gray) superimposed onto crystallographic structure (in black). The upper panel 
shows the model obtained by MODELLER from the threading alignment, the lower 
panel shows the model obtained by the procedure described in this work. For the 
ease of illustration, only the alpha carbon traces are displayed. 

Figure 1 8. Stereo drawings of the two models of telokin (in gray) 
superimposed onto crystallographic structure Itlk (in black). The upper panel shows 
the model obtained by MODELLER from the threading alignment, the lower panel 
shows the model obtained by the procedure described in this work. For the ease of 
illustration, only the alpha carbon traces are displayed. 

Figure 1 9. Displacement of the model chain units during the Monte Carlo 
simulation as a function of the position along the chain for the aligned portion of the 
256b molecule. The very stable (most of the second helix and C-terminal hairpin) 
regions and very mobile regions (the first helix and the central loop region) are 
clearly separated. This is the pattern typical for successful modeling (relatively low 
final RMSD from the native structure). 
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Figure 20. Displacement of the model chain units during the Monte Carlo 
simulation as a function of the position along the chain for the aligned portion of the 
5fdl molecule. In contrast to the case of 256b {see Figure 19) the displacements of 
the chain elements are essentially random. This kind of pattern suggests a rather 
poor quality final model. 

Figure 21. Accuracy of the final models, measured as the Ca RMSD firom 
the native structure, as a function of displacement variation. The variation is defined 
f=t as a ratio of the number of passages of the residue displacement plot (as given in 

^"=f Figures 19 and 20) through the line of average displacement to the total number of 

%Q protein residues. 

[y These and other aspects and embodiments of the invention will be apparent 

\" to those in the art upon consideration of the detailed description, examples, claims, 

1==^ and figures, below, and such other aspects and embodiments shall be deemed to be a 

flj part of the invention as if they were described herein. 

S 20 

DETAILED DESCRIPTION 

The present invention is based on the discovery that accurate, useful three- 
dimensional structural models of target proteins whose tertiary structure is not 
known can be built using knowledge of protein secondary structure and a small 
25 number of tertiary constraints. In particular, it has been discovered that, when each 
amino acid residue of a protein is known (or deduced), and is converted into a 
representation based on the position of the side chain centers of mass for some or all 
of the protein's amino acid residues, accurate three-dimensional structures of the 
protein can be rapidly and efficiently generated. Preferably, the amino acid residues 
are classified as being positioned in a helix ("H"), extended ("E"), or other 
secondary structure ("(-)")> software can be used to translate the code into 
loosely defined preferred ranges of local intrachain distances. As a result of this 
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invention, three-dimensional structures of target proteins can be rapidly produced 
from primary amino sequence information, whether derived from protein sequencing 
experiments or deduced from the coding region of a nucleic acid encoding the 
protein. 

Given the tremendous efforts currently underway to sequence the complete 
genomes of a variety of organisms, including humans, and the vast quantities of 
nucleotide sequence information be generated, the instant invention will be 
particularly useftil to produce high, medium, or low resolution three-dimensional 
models of the structures of the proteins encoded amongst this newly identified 
nucleotide sequence data. Moreover, after producing such structures, they can be 
used as substrates to determine protein, and hence, gene function. In one 
embodiment, the instant invention can be used in processes where raw nucleotide 
sequence information is converted into amino acid sequence information. The 
amino acid sequence information is then converted into a three-dimensional 
structure of the protein comprised of those amino acid residues. The target protein's 
three-dimensional structure can then be used to determine its function. One or more 
steps of this process can be automated. Indeed, these steps can be automated so as 
to allow protein function to be assessed directiy from primary amino acid sequence 
data, or even nucleotide sequence data that has been parsed to identify protein 
coding regions. 

Embodiments of the invention are described in the following detailed 
description, which is outlined as follows. First, a discussion of proteins is provided, 
followed by a description of various alignment technologies. Next, a detailed 
description of SICHO is provided, including a detailed description of the geometric 
properties of the model, its force field, and the conformational sampling protocol. 
The description of SICHO is followed by a description of how the three-dimensional 
models produced thereby can be used, as well as how to implement the invention via 
a computer system. Examples describing the practice of the invention are then 
provided. The first example describes the results on the folding of eight 
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representative proteins having a number of common protein motifs, and a 
comparison of these results with those reported previously."^ 

PROTEESrS 

Under physiological conditions, each protein assumes a "native 
conformation," a unique secondary and tertiary (and quaternary conformation in the 
case of multi-subunit proteins) conformation dictated by the protein's primary 
structure. The folding of a protein typically is spontaneous and under the control of 
non-covalent forces, and results in the lowest free energy state kinetically available 
under the particular pH, temperature, and ionic strength conditions. Disulfide bonds 
are typically formed after folding occurs, and serve to stabilize the native 
conformation. However, it is known that proteins having unrelated biological 
function or sequence can have similar patterns of secondary structure in the tertiary 
structure of different domains. 

General protein folding parameters play an important role in predicting 
protein folding, and are based on observations that a protein's native conformation is 
spontaneously assumed by non-covalent interactions, although interactions with 
other proteins, for example, chaperonins, may be required for the proper folding of 
some proteins. Non-covalent interactions are weak bonding forces having bond 
strengths that range from about 4 to about 29 kcal/mol, which exceed the average 
kinetic energy of molecules at 37*^C (about 0.6 kcal/mol). In contrast, covalent 
bonds have bond strengths of least about 50 kcal/mol. While individually weak, the 
large number of non-covalent interactions in a polypeptide having more than several 
amino acids add up to a large thermodynamic force favoring folding. 

Protein folding parameters include, among others, those relating to relative 
hydrophobicity, /.e., preference for the hydrophobic envirormient of a non-polar 
solvent. See Textbook of Biochemistry with Clinical Correlations, 3"* Ed., ed. 
Devlin, T.M., Wiley-Liss, p. 30 (1992)). Hydrophobic interactions are believed to 
occur not because of attractive forces between non-polar groups, but from 
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interactions between such groups and the water in which they are, or otherwise 
would be, dissolved. The solvation shell (a highly ordered, and therefore 
thennodjniamically disfavored, arrangement of water molecules around a non-polar 
group) around a single residue is reduced when another non-polar residue becomes 
positioned nearby during folding, releasing water in the solvation shell into the bulk 
solvent and thereby increasing the entropy of water solvent. It is estimated that 
approximately one-third of the ordered water molecules in an unfolded protein's 
solvation shell are lost into the bulk solvent upon formation of a secondary structure, 
and that about another one-third of original solvation water molecules are lost when 
a protein having a secondary structure folds into its tertiary structure. 

Amino acid residues preferring hydrophobic environments tend to be 
"buried," i.e., those found at least about 95% of the time within the interior of a 
folded protein, although positioning on the exterior surface of a globular protein can 
occur by placing the more polar components of the amino acid near the exterior 
surface. The clustering of two or more non-polar side chains on the exterior surface 
are generally associated with a biological function, eg., a substrate or ligand binding 
site. Polar amino acids are typically found on the exterior surface of globular 
proteins, where water stabilizes the residue's polarity. Positioning of an amino acid 
having a charged side chain in a globular protein's interior typically correlates with a 
structural or functional role for that residue with respect to biological function of the 
protein. 

Another important protein folding parameter concerns hydrogen bond 
formation. A hydrogen bond (having bonding energies between about 1 to about 7 
kcal/mol) is formed through the sharing of a hydrogen atom between two 
electronegative atoms, to one of which the hydrogen is covalently bonded (the 
hydrogen bond "donor"). Hydrogen bond strength depends primarily on the 
distance between the hydrogen bond donor and acceptor atoms, with high bond 
energies occurring when the donor and acceptor atoms are from about 2.7 A to about 
3.1 A apart. Also contributing to hydrogen bond strength is bond geometry. Bonds 
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having high energies typically have the donor, hydrogen, and acceptors disposed in a 
colinear fashion. The dielectric constant of the medium surrounding the bond can 
also influence bond strength. 

Electrostatic interactions (positive and negative) between charged amino acid 
residues also play a role in protein folding and substrate binding. The strength of 
these interactions varies directly with the charge on each ion and inversely with the 
solvent's dielectric constant and distance between the charges. 

Other forces to consider in protein folding concern van der Waals forces, 
which involve both attractive and repulsive forces that depend on the distances 
between atoms. Attraction is believed to occur through induction of a 
complementary dipole in the electron density of adjacent atoms when electron 
orbitals approach at close distances. The repulsive component, also called steric 
hindrance, occurs at closer distances when neighboring atoms' electron orbitals 
begin to overlap. With regard to these forces, the most favorable interaction occurs 
at the van der Waals distance, which is the sum of the van der Waals radii for the 
two atoms. Van der Waals distances range from about 2.8 A to about 4.1 A. While 
individual van der Waals interactions usually have an energy less than 1 kcal/mol, 
the sum of these energies for even a protein of modest size is significant, and thus 
these interactions significantly impact protein folding and stability, and, ultimately, 
function. 

Yet another interaction playing a role in protein folding and function 
concerns that which occurs when two or more aromatic rings approach each other 
such that the plane of the n electron orbitals of the aromatic rings overlap. Such 
interactions can have attractive, non-covalent forces of up to about 6 kcal/mol. 

Other factors to consider in determining folding of proteins include the 
presence or absence of co-factors such as metals (eg., Zn^"^, Ca^"*", etc,)y as well as 
other consideration known in the art. 

Thermodynamic and kinetic considerations control the protein folding 
process. Without being tied to a particular theory, it is believed that folding begins 
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through short-range non-covalent interactions between several adjacent (as 
determined by primary structure) amino acid side chain groups and the polj^eptide 
chain to which they are covalently Hnked. These interactions initiate folding of 
small regions of secondary structure, as certain R groups have a propensity to form 
a-helices, P structures, and sharp turns or bends in the protein backbone. Medium 
and long-range interactions between more distant regions of the protein then come 
into play as these distant regions become more proximate as the protein folds. 

ALIGNMENT TECHNIQUES 

Many sequence alignment methods are known in the art, such as BLAST 
(Altschul et aL, 1990), BLITZ (MPsrch) (Sturrock & Collins, 1993), and FASTA 
(Pearson & Lipman, 1988). Alignment methods such as these are typically employed 
to align amino acid sequences in order to determine the extent of amino acid 
sequence identity between an experimental, or "probe" or "target" amino acid 
sequence and one or more already stored sequences (the "template" amino acids 
sequence(s)). 

Homology modeling can also be applied, particularly for amino acid 
sequences that are evolutionarily related, /.e., they are homologous, such that their 
residue sequences can be aligned with some confidence. In one example of this 
method, the sequence of a protein whose structure has not been experimentally 
determined can be aligned to the sequence of a protein whose structure is known 
using one of the standard sequence alignment algorithms (Altschul, et al. (1990), J. 
Mol Biol, vol 215:403-410; Needleman and Wunsch (1970), J. Mol Biol, vol 
48:443-453; Pearson and Lipman (1988), Proc. Natl Acad, Sci, USA, vol 85:2444- 
2448). Homology modeling algorithms, for example. Homology (Molecular 
Simulations, Inc.), build the sequence of the protein whose structure is not known 
onto the structure of the known protein to produce a "homology model". 

An alternative approach to amino acid sequence alignment involves 
"threading" or "inverse folding" approaches. In such methods, one "threads" a 
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probe amino acid sequence through different template structures and attempts to find 
the most compatible structure for a given sequence. In certain embodiments, 
sequence-to-stnicture alignments are performed by a "local-global" version of the 
Smith- Waterman dynamic programming algorithm (Waterman, 1995). In such 
embodiments, alignments are ranked by one or more, preferably three, different 
scoring methods. In a three method approach (Jaroszewski et aL, 1997), the first 
scoring method can be based on a sequence-sequence type of scoring. In this 
sequence-based method, the Gonnet mutation matrix can be used to optimize gap 
penalties, as described by Vogt and Argos (Vogt et al., 1995), The second method 
can use a sequence-structure scoring method based on the pseudo-energy from the 
probe sequence "mounted" in the structural environment in the template structure. 
The pseudo-energy term reflects the statistical propensity of successive amino acid 
pairs (from the probe sequence) to be found in particular secondary structures within 
the template structure. The third scoring method can concern structure-structure 
comparisons, whereby information from the known template structure(s) is(are) 
compared to the predicted secondary structure of the probe sequence. A particularly 
preferred secondary structure prediction scheme uses a nearest neighbor algorithm. 

After computing scores for the sequence-to-structure alignments, the 
statistical significance of the each score is preferably determined by fitting the 
distribution of scores to an extreme value distribution, and the raw score is 
compared to the chance of obtaining the same score when comparing two unrelated 
sequences (Jaroszewski et al,, 1997). 

Once the alignment of the probe sequence-to-template structure has been 
determined, it can be used in accordance with a side chain modeling algorithm 
according to the invention. When a threading algorithm is used in the practice some 
embodiments of this invention, the probe amino acid can be "threaded" through a 
large database of proteins whose structures have been experimentally elucidated by, 
for example, x-ray crystallography or NMR spectroscopy. U.S. Patent No. 
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5,436,850, describes threading algorithms that can be used in the practice of this 
invention. 

SICHO 

SICHO is a new lattice protein model that represents a significant advance in 
our ability to computationally derive three-dimensional protein structures. In 
particular, SICHO focuses explicitly on the side chain center of mass positions of 
the amino acid residues of a target protein. The force field used in SICHO 
comprises short-range interactions that reflect secondary structure propensities and 
short-range packing biases, a geometrically implicit model of cooperative hydrogen 
bonds, and explicit burial, pair, and multibody tertiary interactions. When this new 
model force filed is combined with a small number of long-range harmonic 
constraints (e.g.y known side chain contacts), accurate three-dimensional reduced 
models of least medium resolution can be rapidly and efficiently generated for a 
given target protein. 

Protein Representation 

In SICHO, a target protein is modeled as a lattice chain connecting points 
restricted to an underlying simple cubic lattice whose mesh size equals 1 .45 A. By 
way of illustration. Figure 1 depicts short Augments of a P-strand and an a-helix in 
this particular lattice representation. This figure also shows the corresponding Ca- 
traces, which are not explicitly modeled by SICHO, but can be back-filled after the 
three-dimensional model is generated, if desired, as other or even greater levels of 
detail can be. The distance between two consecutive side chain units is variable and 
is assumed to be in the range of 1 1 '^-30'^ lattice units, or equivalently 4.8-7.9 A. 
The length distribution roughly covers typical distances between two consecutive 
side chain centers of masse seen in real proteins.'"* The resulting number of side 
chain vectors, {v}, is equal to 592. Similar limitations are superimposed on the 
distances between the i-th and i + 2"** side chain center of mass , i-th and i + 3"* side 
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chain center of mass, etc., up to and including the i + 8 side chain center of mass. 
As a result, implicit limitations are superimposed onto the range of planar angles 
defined by the positions of three consecutive side chains. Some possible three- 
vector local conformations are shown in Figure 2A. 

As shown in Figure 2B, the excluded volume cluster defined for each side 
chain consists of the central lattice point coinciding with the hypothetical center of 
mass of the side chain and the 16 surrounding points located at positions (=1,0,0) 
and (=1 ,=1 ,0), including all permutations of these vectors. With such a hard-core 
definition, the distance of closest approach of two residues is equal to three lattice 
units (4.35 A). This corresponds to the equivalent hard core in observed in proteins 
for which a high resolution three-dimensional structure has been experimentally 
determined. There are also 30 possible lattice positions at which the closest 
approach, side chain-side chain contact, can occur. These are defined by six vectors 
of the (3,0,0) type and 24 vectors of the (2,2,1) type emanating fi-om the side chain 
of interest. For larger residues , tryptophan, phenylalanine, tyrosine, histidine, and 
modified side chains of similar size (with similar criteria imposed for modified side 
chains based in their radius of gyration), a wider, finite magnitude, repulsive core is 
also included, and the number of "contact positions" is even larger. Consequently, 
effects of lattice anisotropy are essentially nonexistent. 

Side chain overlaps and interactions are readily detected by inspection of the 
occupancy status of the appropriate collection of lattice points in the Monte Carlo 
working box. As a result, for a given amino acid residue, the computational cost for 
calculating the short- and long-range interactions does not depend on chain length. 

Monte Carlo Model and Conformational Updating 

The Monte Carlo move set consists of single residue "kink" moves, chain- 
end moves, two-residue moves and small "rigid-body" displacements of a larger 
portion of the model chain. Examples of these moves are schematically illustrated 
in Figure 3A-D. A single "time-step" consists of N attempts at kink moves, 2 
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attempts at chain-end moves, N-1 attempts at two-bond moves and one attempt at a 
randomly selected, large fragment displacement. Here, '*N" equals the number of 
amino acid residues in the protein. Before any energy computation, a test for 
excluded volume violations is performed, and trial conformations that would lead to 
steric collisions of chain units are rejected, as are conformations that would result in 
nonphysical distances between two consecutive side chain units. 

Interaction Scheme 

The interaction scheme employed in SICHO comprises short-range 
interactions, hydrogen bond interactions, and long-range interactions. All types of 
interactions have generic (i.e., sequence-independent), sequence-dependent, and 
target (i.e., resulting from superimposed short- and long-range constraints) 
components. Below, the generic and sequence-dependent terms are described first, 
followed by a description of those terms arising from the constraint contributions. 

Sequence-dependent short-range interactions 

The potentials were derived from the geometric statistics of known protein 
structures. Pairwise-specific distances between nearest neighbors, up to the fourth 
neighbor, along the polypeptide chain are considered. These distances depend on 
amino acid composition and the local chain geometry. Six bins, covering the 
majority of distances, including the more distant pairs, i.e., the wings of the distance 
distribution (which are cut off at 4.8-7.9 A) observed in proteins, have been used for 
all components of the short-range interactions. For a given pair of amino acid 
residues, the distribution of associated distances between side chain centers of mass 
is extracted from a statistical analysis of a structural datab£ise of non-homologous 
proteins (the Holm Sander PDB select database of 1501 proteins). When compared 
to an average distribution (ignoring sequence information), this leads to a statistical 
potential. The technique is similar to that employed elsewhere. As schematically 
illustrated in Figure 4, the resulting potential could be expressed as follows: 
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short 



+ S E,3 (l^ i+2 5 » ) 



H- 2^E,5(r^j^4, Aj^2»Ai^.3) 



(1) 



The summation is performed along the chain; Eid refers to energy associated 
with interactions between the residue of interest and its d-1^^ neighbor down the 
chain. Ai denotes the amino acid identity at position i, and ri,i.k is the distance 
between residues i and i + k. The terms for the three-bond fragments include the 
effects of local chain chirality via a "chiraF'-distance-squared term. 



All terms are amino acid pair-specific because the presently available 
structural database do not support meaningful statistics for higher order terms. 
Thus, there is a single energy term for one-bond and two-bond fragments, and two 
types of binary potentials for three-bond and four-bond fragments. These sequence 
dependent short-range interactions also provide information about short-range 
packing regularities, e.g,, the propensities for a particular side chain arrangement on 
a helical surface. For simplicity, the relative scaling of all terms is preferably taken 
to be equal to one. This scaling generates a reasonable level and identity of 
secondary structure. While other scaling factors could be used, the quality of the 
results drops off, for example, less than native secondary structure or too much and 
poor backbone geometry are derived. Since there are a large number of numerical 
values for these short-range potentials (six components, each having 20 x 20 x 6 
pair-wise values for 6-bin histograms), the data been reported"*^ and are available via 
anonymous flp'^. 




sign((Vi.,®Vi)Vi^,). 



(2) 
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Generic short-ranee conformational biases 

5 Next, terms that do not depend on amino acid sequence are introduced into 

the model force field. Thus, the energy contribution fi-om these terms depends only 
on specific chain geometry (regardless of protein sequence) and its magnitude is 
controlled by a single adjustable energetical parameter, 8gen. These terms' purpose is 
to enforce a protein-like distribution of short-range conformations. 

10 The first set of these terms accounts for the characteristic stifi&iess of 

polypeptide chains, which builds on the observation that there is a characteristic 
orientation of protein chain that could be conveniently defined by a vector 
orthogonal to a triangle formed by three consecutive centers of mass of the side 
chains. The corresponding conformational bias could be defined as follows: 

^ ^ Estiff = -0.25 8gen 2 (Wi * WH4) (3) 

where Wj is a vector orthogonal to the plane formed by the two consecutive virtual 
covalent bonds \\.\ and Vi, egen is an arbitrarily chosen energetic parameter equal to 1 
keT in all potentials described in this section, here scaled by a factor equal to -0.25. 

20 The length of the orthogonal vectors w^j is about 4 lattice units, and they are also 
used for detection of "hydrogen bonds." The dot product in the above equation is 
near its maximum value for extended, p-like states and for helices. The high value 
of this product is significant in a majority of typical turns and loop-type local 
conformations. Thus, the potential provides a bias towards these relatively rigid 

25 elements of protein secondary structure. 

The second generic term provides a bias towards regular arrangements of 
secondary structure. In a random lattice chain, the distribution of distances between 
the i-th and i + 4* bead would be unimodal and close to a Gaussian distribution. On 
the other hand, the corresponding distance distribution between residues in native 

30 proteins is bimodal. The shorter distance peak corresponds to helical and turn 

conformations, while the more difftise, longer distance peak corresponds to extended 
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conformations. A term that adjusts the model to this bimodal distribution could be 
expressed as follows, with all distances in lattice units. 

Estnict = S Es(i) (4a) 

with: 

Es(i) = -28gen, 

forr,fj,,<33and(v. y,,,)>0 (4b) 

or 

Es(i) = -2egen, 

for48<rifi^4<145and(Vi+i Vi+2)<0. (4c) 



The first set of conditions (equation 4(b)) describes a loosely defined, helical 
conformation, while the second (equation 4(c)) describes an extended, p-type 
fragment. Thus, equation 4(b) states that the distance between the i-th and i + 4*** 
side chain in a helix has to be small (here, below about 8 A). The second condition 
states that the chain has to make a slight tum. A correspondmg set of conditions is 
defined for (3-type expanded states. In both cases, the cut-off distances and the 
angular restrictions are selected in a very permissive way based on the observed 
distributions for native proteins. The permissive definition of local conformational 
biases drives the model system towards a loosely defined protein-like chain 
geometry, yet it still allows substantial local mobility. As mentioned before, in 
preferred simulations, the value of Egen has been assumed to be equal to 1 ksT. 



^^Hydros^n bonds'' and generic packing biases 

Model hydrogen bonds provide similar structure-regularizing biases with 
respect to tertiary interactions, as do the generic short-range interactions for 
secondary structural regularities. Residue i is considered to be hydrogen-bonded to 
residue j when the orthogonal vector Wj (originating from the bead i) touches any of 
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the 1 7 points of the excluded volume cluster of residue j. In various embodiments of 
the model, two hydrogen bonds originate from a given residue. The geometry of 
hydrogen bonds is depicted in Figure 5. Only residues that are "in contact" could be 
hydrogen-bonded. That is, there is the same long-range cut-off for side group pair 
interactions as for hydrogen bonding. The energy of the hydrogen bond network is 
defined as follows: 

EH-bond = -BH-bond 2 (S^ + 5' + S^'') (5) 

where S*', 5", S"**'* are equal to 1 when the "right handed," the "left handed," and both 
hydrogen bonds originating from residue i are satisfied, respectively. Otherwise, the 
corresponding terms are equal to zero. The last term, 5"*^*', is a cooperative hydrogen 
bond energy gained only upon local saturation. The numerical value of this 
parameter was assumed to be equal to about 1 .0-1 .25 keT. Values of this parameter 
toward the lower end of the range tend to accelerate folding, while values toward the 
higher end tend to build structures of slightly better quality. In any event, these 
effects are small, and it is preferred to use a term having the same value (1 .0) in all 
isothermal Monte Carlo runs used for energy comparisons. 

Two other generic terms that enforce protein-like packing regularities also 
have been introduced. The first one is a "contact map propagator" that reflects the 
most common pattems seen in all side chain contact maps of globular proteins.'^ It 
is defined in the following way: 

Emap = -egen(2Z(5ij • Sj+ij+i • Sj.i j.i)5par 

+ SS(5ij • 5i.i j+1 • 5i+i j-i) Sapar) (6) 

where 5ij id equal to 1 (0) when residues i and j are (not) in contact. 5par is 
equal to 1 only when the corresponding chain fragments are oriented in a parallel 
fashion, i.e., + Vj) x (vj., + Vj). Similarly , 5apar is equal to 1 when the chain 
Augments are anti-parallel. In the above equation and in equation 7, below, Sgen — 1 
is the same parameter as the one used in the short-range generic terms. 
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A second packing regularizing term provides an additional cohesive energy 
between secondary structure elements by favoring the parallel packing of pairs of 
hydrophilic residues and the anti-parallel packing of pairs of hydrophobic residues. 
Consequently, since it exploits sequence information, this term is not purely generic; 
however, it is reduced to a two-letter (HP) code. 

Epacking = -Egen SZ(5pp • 5pp + 5hH * 5app) (7) 

where 5pp (5hh) is equal to 1 when both residues in contact are hydrophilic, P, 
(hydrophobic, H), according to the Kyte-Doolittle hydrophobicity scale.^^ The value 
of 5pp is equal to 1 only when the packing of the side chain pair is parallel; z.e., (Vj.i - 
Vi) X (Vj.i - Vj)0. Similarly, 5app is equal to 1 only when the packing of the side chain 
pair is parallel; z.e, (vm - Vi) x (vj.i - Vj)0. 

Various structure regularizing terms described in this and the previous 
section reflect the various structural regularities seen in globular proteins. Each term 
accounts for a different correlation that could be easily detected by statistical 
analysis of the geometry of the side-chain-only representation of protein structures. 
Except for the last term (which depends on some sequence features), they are 
sequence independent: the underlying regularities are true for all types of structural 
motifs of globular proteins. During Monte Carlo simulations, these generic 
potentials provide a very strong bias against nonsensical, non-protein like 
conformations. Such conformations would otherwise be quite frequent due to the 
reduced character of the protein representation. In the presence of these generic 
contributions to the model force field, the requirements for sequence-specific 
potentials are lower; they have to select between various protein-like confirmations, 
which makes the selection easier (and computationally less expensive) than in the 
much broader conformational space of an unrestricted model chain. 

SeQuence-specific lons-ranse interactions 

These interactions are defined as follows: 
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Epair = S2Eij (8a) 

where: 

oc, for rij < 3 
E^, for3<r.-<R;7 

Eij, forR:j<r,<R,- ^^^^ 
0, forRij<rij 

where e y are the pair-wise interaction parameters,^*^^ and the interactions are 
counted for all pairs, except the first nearest neighbors along the chain. A strong 
soft-core repulsive energy of about 4kT can be used in the simulations. This term 
provides a lightly larger excluded volume for larger amino acids than that defined by 
the hard core. The values of the cut-ofF distances and Rij are given in Table I, 
below. The values of Rij were adjusted to approximately mimic the contact 
distances employed in the derivation of binary interactions parameters. Here, a 
"native" interaction scale as described by Skolnick, et al?^ 



TABLE I. Compilation of Pairwise Cut-off Distances 



in Angstroms 



Ai 


Aj 






Rij 






(attractive)^ 


(repulsive) 


Small^ 


Small 


4.35 


7.03 


6.32 


Small 


Large 


4.57 


7.03 


6.32 


Large 

a A ^ ^ • 


Large 


4.83 


7.50 


7.03 



Attractive pair of amino acids. 



^ Small amino acids are: Gly, Ala, Ser, Cys, Val, Thr, Pro. 



One-body burial interactions 

To facilitate a rapid collapse of the model chain, a centro-symmetric, density 
regularizing term was used that is based on a statistical analysis of single domain 
proteins. This is the only term that uses the assumption that the target protein has a 
single domain. For some increase in computational cost, this term could be omitted. 
The radius of gyration of the protein is given by: 
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S = (N-'S(rcM-ri)')^'' (9) 

where icm is the position of the center of mass of the globule, and rj is the 
position of the center of mass of the i-th side chain. The size of a single domain 
protein is strongly correlated with the number of residues, N, comprising the protein, 
in accordance with: 

S-1.52N^ ^^ in lattice units. (10) 

The exponent 0.38, obtained from the statistical analysis of single domain 
globular proteins,^' is very close to the value of 1/3 expected for a long, collapsed 
polymer chain.^^ The corresponding potential has the following form:^^ 

Eb = eb Slnici - mil (11) 



where nio.i is the target number of amino acids in a given spherical shell centered at 
the protein's center of mass. There are three equal thickness shells within a distance 
S, and they contain somewhat more than half of the protein residues. The entire 
protein is essentially contained in a sphere of radius equal to 5/3 S. The value of the 

20 parameter Sb was equal to 0.25-1 .0 ksT, depending on protein size. Larger proteins 
tend to exhibit a larger absolute deviation from the above target distribution of mass, 
and consequently, a lower penalty for such deviations should be employed. 

To further enhance rapid collapse, those residues that are within a radius of 
2/3 S (a very conservative estimate of the hydrophobic core of a single domain 

2^ globular protein) contribute eKD(i)/16 to the total energy, where 8KD(i) is the Kyte- 

Doolittle hydrophobicity parameter of the i-th residue. The scaling factor 1/16 is 
preferred. This potential (and its scaling with respect to other interactions) has very 
little effect on the folded structure, but it improves folding kinetics. 

30 Multibody surface exposure term 

Amino acid side groups have a different size and shape. Thus, when a given 
side chain is in contact with another amino acid, the fraction of its surface that is 
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covered depends on the identity of the contacting partner. Appropriate parameters 
^ reflecting this observation (i.e., the surface coverage of particular types of side 

chains and associated statistical-type potential) could be derived from the statistics 
of known protein structures. In the present algorithm, each residue can have 30 
surface contact points. A subset of these contact points becomes occupied upon 
contact with other side chains or main chain Ca atoms. The Ca atom positions are 
10 approximated from the positions of three consecutive side chain beads and have 
their own excluded volume and contribution to surface coverage. Due to 
"shadowing," /.e., one residue being covered by another, some contact points could 
be multiply occupied by different residues (usually 1 or 2, or sometimes 3, but very 
rarely 4 or more). The fraction of occupied surface points defines the fraction of 
15 buried area of a given side chain. The total energy of a model protein is computed 
as: 

Esurface = es2:Eb(Ai,ai) (12) 

where aj is the covered fraction of sites of amino acid side chain A\ and Eb (Ai, aO is 
20 the statistical potential for amino acids Ai that are covered by aj contact points, i.e., 
its coverage fraction is a/30, when the number of contact points is 30. The reference 
state for this statistical potential is "an average" amino acid with average (over 
structural database) coverage. One scaling factor 8s for this term has been 
determined to be 0.25, although other scaling can be used. 
25 The above approach to the hydrophobic interactions allows suppression of 

previously employed centro-symmetric one-body potentials^ and thereby opens up 
the present approach to multi-domain and multi-meric proteins. In this example, 
both models of mean field hydrophobic interactions were used in parallel. 

The force field designed for this model is entirely of a "knowledge-based" 
30 origin. Some terms, such as the generic short- and long-range potentials, provide a 
bias toward protein-like short- and long-range correlations in flie model chain. 
These potentials generalize regularities seen in native structures of all globular 
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proteins. The sequence-specific terms were derived as statistical potentials with a 
rather careful selection of the reference state.^^*^^'^^ When several statistical 
potentials are combined in a relatively complex reduced model, an a priori 
derivation of the relative scaling factors becomes difficult. Some double counting of 
particular physical interactions may occur. Thus, these scaling factors have to be 
adjusted to reproduce a reasonable balance between the short- and long-range 
interactions. A proper balance should lead to a low secondary structure content in 
the denatured state and a well-packed and ordered collapsed state. The collapse 
transition should be as abrupt as possible, mimicking an all-or-none folding 
transition. This has been achieved in the present model with the given scaling of 
particular interactions. Folding experiments for several proteins of various structural 
classes were performed with no short- or long-range constraints. The force field 
described above fails to produce a unique folded state, except for very simple 
folding motifs. For more complex motifs, the folded states always had a secondary 
structure very close to the native, with good packing of the hydrophobic core; 
however, the arrangement of the secondary structure elements (connection of 
helices, order of P-strands in sheets, etc.) almost always had topological errors. As 
designed, the model with its force field is very efficient at generating protein-like 
compact conformations. The model is not sensitive to the particular scaling of the 
various interactions within a broad range around the set used in this work. For 
example, removal of all generic terms also led to collapsed structures (although at 
lower temperatures) with good overall fidelity of the secondary structure, but the 
geometrical accuracy of the secondary structure and packing pattern was more 
irregular. A detailed discussion of the interplay between the generic and sequence- 
specific short-range potentials is reported elsewhere.^^ When the proposed force 
field is supplemented by one or more structural constraints, a proper fold should be 
easily selected. 

Since a Ca-based MONSTTER model has been reported as being successfiil 
in reproducing quite complex aspects of protein dynamics and 



SD- 144976.1 



250/076 



thermodynamics,^* without being bound to any particular theory, it is 
believed that the present force field approximately reproduces the main features of 
globular proteins. However, it does so in a different geometrical context, namely 
using pseudoatoms representing side chain centers of mass. Moreover, the instant 
invention is based on a less complex representation and simpler definition of the 
force field, and is more computationally more efficient than Ca-based models such 
as MONSSTER. As a result, three-dimensional structures for larger proteins can be 
simulated. 

Physical Basis of the Model Interaction Scheme 

The instant invention allows realistic three-dimensional protein structures (as 
seen on the level of an entire fold) to be produced fi-om an extremely simplified 
representation of the protein conformational space. Here, only the side chains (in 
one embodiment represented by their respective centers of mass) are explicitly 
modeled. The use of a single interaction unit per residue is computationally very 
efficient. Moreover, side chains were used, as opposed to, for example, alpha- 
carbons, because the specific interactions between, or functions of, proteins involve 
side chains, while main chain {i.e., peptide backbone) interactions are much less 
dependent on amino acid sequence. Due to this very simple representation and 
requested specificity, several features have to be built into the model force field. 
First, the assumed protein representation, with a single center of interaction per 
amino acid residue side chain, allows too much conformational fireedom. This is 
because there is no explicit backbone coimectivity in the model chains. However, in 
real proteins, the backbone connectivity and conformational stifl&iess control, to 
some extent, the distances between the centers of mass of the side groups near each 
other along the polypeptide chain. The backbone effect is moderated by the side 
chains' internal degrees of fi-eedom. It is reasonable to assume that for a short 
polypeptide fiagment, the local geometry of the side chain centers of mass is mostly 
dictated by short-range interactions with a somewhat lesser effect firom long-range 
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(tertiary) interactions. The correct, protein-like distance geometry of the side chain 
centers of mass implies a correct, protein-like geometry of the main chain. This 
provides a conceptual background for the sequence-specific short-range potential of 
mean force (discussed previously and defined in equation 1, above). This potential 
drives the system towards a local geometry (characteri2:ed by distances between side 
chains) that is characteristic of locally similar sequences. 

At first glance, it may appear that such defined sequence-specific secondary 
propensities are sufficient for modeling protein like local geometry. This is not the 
case for several reasons. First, the discussed statistical potentials are not very 
accurate due to the limited size of the database of known protein structures. 
However, more importantly, the assumed simplified representation of the 
polypeptide chains exhibits excessive flexibility. With respect to the assumed model 
of excluded volume, a substantial fi-action of the model chain conformations that are 
otherwise allowed are conformations that cannot possibly occur in any protein or 
even in other polymers. It is not a good strategy to make the sequence-specific 
interactions so strong that the non-physical geometries would be practically 
prohibited. This would lead to dynamic fiustration of the model system due to very 
fi-equent trapping in the local conformational energy minima; thus, providing a 
generic bias towards protein-like geometry is computationally more efficient. Then, 
much less is required fi-om the sequence-specific part of the potential (selection 
within the protein-like part of conformational space instead of selection within a 
much larger conformational space of a fi-eely joined polymer chain). Moreover, a 
properly defined generic potential can "interpolate" protein-like conformations for 
those fi-agments of a given polypeptide chain where the information content of the 
sequence-specific potential is low, (due to lack of examples in the database or 
balanced contradictory examples). As discussed above {see equations 3 and 4), 
sequence-independent potentials exactly play such a role. The first such term 
provides a bias towards the protein-like stiffness of the model chain by an energetic 
preference for either expanded zigzag or helical conformations. The second term 
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provides a bias towards a bimodal distribution of the distances between the i-th and i 
+ 4* side chain units. The definition of these potentials mimics some of the most 
general structural regularities seen in all folded proteins. They also provide a bias 
against nonphysical local conformations in the unfolded state. 

Similar to the short-range interactions, there are sequence-specific and 
generic terms of the model tertiary interaction scheme. The pairwise contact 
potentials and the model of hydrophobic burial potentials of mean force derived 
fi-om the statistics of the structural database do not require additional discussion. 
The procedures of derivation and implementation of such potentials are rather 
standard and commonly used in all reduced models of proteins.*^*'^*^'*^^'^^ Such 
statistical potentials encode some interaction preferences in real proteins. In the 
majority of cases, they are accurate enough to select a proper fold for a given 
sequence firom a collection of other folds of natural proteins. However, here, the 
requirements are more stringent. The proper fold must be selected firom a much 
larger number of conformations, most of them never observed in real proteins (but 
possible in the model due to the reduced representation). Thus, it is important to 
construct a generic potential that provides a bias toward protein-like tertiary 
interaction patterns. Such patterns could be postulated as a generalization of 
structural regularities seen in known protein structures. An important feature of all 
protein structures is the very regular network of main chain hydrogen bonds. Our 
model lacks an explicit protein backbone. Nevertheless, an analysis of protein 
structures shows that the presence of hydrogen bonds between residues translates 
with high reproducibility into a pattern of contacting side chains. Indeed, the string 
of hydrogen bonds along a helix implies the existence of continuous or almost 
continuous strings of side group contacts along the helix surface. Similarly, a string 
of hydrogen bonds in a P-hairpin implies two strings of side group contacts, one on 
each side of the hairpin. Thus, a bias towards such a string {see equation 5, above, 
and the associated discussion of the potential) could be used as an ersatz copy of ttie 
hydrogen bond interactions. Furthermore, such strings of contacts lead to a 
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characteristic pattern of side chain contacts. The generic potential given in equation 
6, above, provides a bias towards the most general feature of such patterns. 

Angular packing preferences for various types (hydrophobic or hydrophilic) 
of residues also could be used as a bias toward protein-like side chain packing 
patterns {see equation 7, above, and the associated description of this term). 

Such a defined model of the force field can be tested and the relative weights 
of the sequence-specific versus generic terms adjusted by a trial and error method. 
Here, a long series of isothermal simulations of various proteins was performed. 
While the native-like structures were sometimes obtained only for very simple, 
small proteins, the accuracy (measured as cRMSD from native) of the emerging 
elements of secondary and super-secondary structure elements (helices, helical 
hairpins, P-hairpins or a-P-a motifs) could be used as a convenient criterion. 

This force field alone, however, is not accurate enough for reproducible 
folding simulations of the majority of (even small) proteins. At the same time, it 
discriminates against a vast majority of nonsensical conformations, and the native- 
like structures always belong to a relatively small number of low energy 
conformations. Thus, when some long-range constraints of experimental origin are 
superimposed on top of this force field, the native-like conformation can easily be 
obtained in Monte Carlo simulations, as described below. 



Implementation of the Constraints 

25 Encoding short-range conformational propensities 

In testing structure assembly using the methods described herein, knowledge 
of secondary structure^^ is used in the form of the following three-letter code: E- 
extended; H-helix; and (-) everything else. This three-letter code is then translated 
onto a set of biases towards a corresponding range of local intrachain distances and 

30 angular correlations. Only E and H states have some conformational biases, arid 

their definitions are geometrically very permissive. The set of secondary structural 
constraints are as follows: 
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1 . An H-state cannot be hydrogen bonded to an E-state. When detected, 
^ such bonds are ignored and do not contribute to the conformational energy. 

2. A residue in a continuous stretch of H-states can hydrogen bond only 
to residues i - 3 and i + 3. Note that hydrogen bonds associated with Ca's or side 
chains represent the canonical helix pattern. 

3. The system gains an additional energy equal to -Sgen (over the 

10 previously defined generic contributions, and egen is of the same exact value as that 
used in the definition of various generic germs of the model force field in all the 
following cases (a-c): As shown in Figure 6 for helical type states when: 

for r,fi,,<33 13(a) 

15 a) residues i + 1 and i + 2 are assigned as helical if (Vj • Vi+2) < 0 

b) residues i + 2 and i + 3 are assigned as helical if (vj+i • Vj+a) < 0 

c) residues i + l,i + 2ndiH-3 are assigned as helical if (Vi • Vi+3) < 0. 
As shown in Figure 7, for expanded states when 

20 for48<rif,.4 <145 13(b) 

a) residues i + 1 and i + 2 assigned as extended if (Vj • Vi+2) < 8 

b) residues i + 2 and i + 3 assigned as extended if (vi+i • Vi+3) < 8 

c) residues i + 1, i + 2 and i + 3 assigned as extended if (vj • Vi+3) < 0. 
2 J The set of conditions given in equations 13a and 13b, above, describe 

various geometrical boundaries for the local conformation of the model chain that 
are characteristic for helical and expanded states, respectively. In each case, they 
were split into three sets of conditions to make the energy landscape as smooth as 
possible (otherwise, a single condition could be applied). In the present realization, 
the model system gains some energetic stabilization when even a nucleus of a helix 
or extended state forms. On the other hand, the conditions are rather permissive, 
allowing substantial fluctuations of the secondary structure without an energetical 
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penalty. This is the reason for certain cut-offs for intrachain distances and dot 
products of the relevant side-chain vectors. Of course, these cut-offs are consistent 
with the vast majority of helical or P-type geometries seen in globular proteins. Of 
course, these terms may be modified or refined as additional three-dimensional 
proteins structures are solved to high resolution 



10 Lons-ranee constraints 

Long-range constraint s are implemented in the form of a distorted harmonic 
potential. Additionally, the contact energy for such side chain pairs is modified as 
well below: 



15 



20 



Eij, restrained 

= oo, for ry < 3 

E^, for3<r^<R;j 

^.cs(R- i-Rf.r forRij<rij<10 

^r^s (100-r^-100)/3 for 10<rij (14) 



The value of parameter e res in structure assembly runs was set equal to 1/8, 
while during the low temperature refinement run, it was set equal to Va, The . 
meaning of other parameters is the same as in equation 8, above. In the first three 
ranges, the above function is consistent with the definition of pairwise interactions 
defined in the previous section. For restrained residues, the pairwise potential has 
been enhanced (line 3 of equation 14). The two remaining lines define a 
pseudoharmonic long-distance potential. For longer distances (line 5 of equation 
14), it is slightly suppressed because a weaker function facilitates a somewhat faster 
assembly of model protem chams. 



SD-144976.1 



49 



250/076 



Folding Procedure 

The sampling procedure employed for protein assembly is based on Monte 
Carlo simulated thermal annealing. The stages are described below: 

1 . In the first step, a random expanded chain conformation is subjected 
to Monte Carlo simulated thermal annealirig^^ over a broad range of temperature 
from T = 6 (T = 4 for smaller proteins) toT = 1 . After annealing, the number of 
satisfied long-range constraints in each folded protein is inspected. Those folds with 
more than about 1 .7 of their constraints significantly violated are rejected without 
fiirther inspection, eg., when the corresponding side-chain: side chain distance is 
larger than 7 lattice units for proteins smaller than about 100 residues and 8 lattice 
units for proteins larger than about 100 residues. These alternative, exemplary 
parameters have been selected by studying a similar problem,^ and by preliminary 
testing of the present model. Allowing a significantly larger number of violated 
constraints may lead to topologically wrong folds, while requesting all constraints to 
be satisfied would decrease the efficiency of the method, as some good folds with 
small local distortions would be rejected. The success ratio at this stage depends on 
the protein and the number of long-range constraints. For example, in Igbl, protein 
G, with eight constraints, more than 75% of short assembly runs (5-15 minutes of 
CPU time on a HP C-1 10 workstation) are successful. In the case of Ipcy, 
plastocyanin, with 15 constraints, the corresponding success rate is about 30% for 4- 
hour-long simulations on an HP C-1 10 workstation. Of course, a slower aimealing 
protocol increases the fraction of assembled structures that satisfy the constraints. 
However, it appears that use of a larger number of shorter simulations is a more 
effective sampling protocol because a greater number of structures are collected for 
each protein. 

2. All structures obtained via the rapid annealing procedure are 
preferably subjected to a refinement process. For refinement, each structure is 
duplicated and subjected to two independent Monte Carlo atmealing runs over the 
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temperature range T = 2-1 . The lowest conformational energy structure (from the 
5 last snapshot of the corresponding trajectories) is accepted for further analysis. 

3. For each protein, both the lowest energy conformation and the lowest 
energy alternative conformation are then subjected to isothermal runs to establish 
whether the proper fold can be automatically selected based on the choice of the 
lowest average energy structure. 
2 Q 4. The Ca coordinates of the final, lowest energy structures are then 

built into the model. This "back filling" procedure is based on Monte Carlo 
annealing of a phantom lattice model chain that has two united atoms per residue: 
one centered on the Ca and the other at the side chain center of mass. This Ca plus 
side chain center of mass, CAPLUS, model {see^ e.g., ^'29-3 1,39^ ^^^j^ employs 
1 5 statistical potentials describing short-range interactions and side chain rotamer 

preferences. The positions of the side chains in the CAPLUS model are driven by a 
harmonic potential to the predicted side chain positions from the side chain only 
model. 

As those in the art will appreciate, other models of differing levels of detail, 
20 up to an including all heavy atom, and even all atom, representations, can also be 
assembled from these low energy structures. The level of detail and resolution 
chosen for these structures will typically depend on the particular application for 
which the model is intended. For example, rational drug design typically requires 
models having significant levels of atomic detail, particularly when protein: ligand 
25 interactions are being assessed. 

APPLICATIONS AND AUTOMATED IMPLEMENTATION 

Protein Function Determination 

30 As described above, it is now possible to rapidly generate accurate, reduced 

protein models directly from nucleotide or deduced amino acid sequence data. 
These models, which are based on the side chain center of mass of the amino acid 
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residues comprising a particular protein, can then be manipulated to produce other 
models, such as those depicting alpha-carbon atom representations, all heavy atom 
representations, and even all atom representations. 

In alternative embodiments, such representations can be used to determine 
protein function using one or more three-dimensional templates correlated with 
particular biological functions, and they can also be used to identify functionally 
important regions in a protein. See, e.g., Kasuya, A. and Thornton, J.M., J. Mol 
Biol., vol. 286: 1673-1691 (1999); Wallace, etai {Protein Science, vol. 5:1001- 
1013 (1996); Bone, et al. Biochemistry, vol. 30:10388-10398 (1991); Barth, et al 
(1993) Drug Design and Discovery, vol. 10:297-317; Gregory, et al (1993), Protein 
Eng., vol. 6, no. 1 :29-35; Artymiuk, et al. (1994), J. Mol Biol, vol. 243:327-344; 
and Fischer, et al (1994), Protein Set, vol. 3:769-778). A particularly preferred 
approach employs functional site descriptors (FSDs). See U.S.S.N. 09/322,067, 
filed May 27, 1999. Using FSDs, prediction of a protein's biological function 
requires only an approximation of the three-dimensional orientation of two or more 
amino acid residues in a region responsible for the particular function of the protein 
under investigation. Broadly, FSDs define spatial configurations for protein 
functional sites that correspond with particular biological functions, and it is known 
that function derives from structure. FSDs provide three-dimensional 
representations of protein functional sites, for example, ligand binding domains 
{e.g., domain that bind a ligand, for example, a substrate, a co-factor, or an antigen), 
protein-protein interaction sites or domains, and enzymatic active sites. 

A functional site descriptor typically comprises a set of geometric constraints 
for one or more atoms in each of two or more amino acid residues comprising a 
functional site of a protein. Preferably, the atoms are selected from the group 
consisting of amide nitrogens, a-carbons, carbonyl carbons, and carbonyl oxygens 
within a polypeptide backbone, p-carbons of amino acid residues, and pseudoatoms, 
e.g., a side chain center of mass. 
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The geometric constraints of an FSD preferably are selected from the group 
consisting of an atomic position specified by a set of three dimensional coordinates, 
an interatomic distance (or range of interatomic distances), and an interatomic bond 
angle (or range of interatomic bond angles). When a geometric constraint refers to 
atomic position, reference is typically made to a set of three-dimensional 
coordinates. Such constraints can relate to RMSDs. Other geometric constraints 
concern interatomic distances, preferably interatomic distance ranges, or interatomic 
bond angles, preferably interatomic bond angle ranges. 

In some embodiments, an FSD can also include one or more conformational 
constraints that refer to the presence of a particular secondary structure, for example, 
a helix, or location, for example, near the amino, or carboxy terminus of a protein. 
FSDs can be implemented in electronic form, so that they can be used in 
computerized methods. Typically, functional site descriptors comprising two to 
about 50 or more geometric constraints can be developed for a particular biological 
function. In many embodiments, the number of geometric constraints in an FSD is 
from about 4-25, often from about 5-20. 

As indicated above, FSDs can be built for any type of protein function. 
Functions of particular interest include enzymatic activities. At present, more than 
1 80 different enzymatic activities have been classified, and are listed by enzyme 
name in the following table. The particular classification of an enzyme listed in the 
following table is defined in accordance with the enzyme classification system as 
described in, e.g.. Enzyme Nomenclature, NC-IUBMB, Academic Press, New York, 
New York (1992), and at www.biochem.ucl.ac.uk/bsm/enzymes/index.html. 



E.C. Number 


Enzyme Name 


1.1.1.2 


Alcohol dehydrogenase (NADP+) 


1.1.1.21 


Aldehyde reductase 


1.1.1.27 


L-lactate dehydrogenase 


1.1.1.28 


D-lactate dehydrogenase 
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C Number 


£iizynie Name 


1.1.1.29 


Glvcerate dehydrogenase 


1 1 1 34 


HMCt-C]oA reductase 


1 1 1 42 
1.1.1 


T<;ocritrate dehvdroffenase rNADP+^ 


1 1 1 4.0 
1.1.1 .*^y 


01iif*n<2p-fi-nVir*<;nliatp 1 -HpVivHrn{Tf*Tia<*p 




"^-fllnVia-livHrriYVQtprniH HplivdmcPTiJicf* rR-^riPci'Fif*^ 

.7 ulL/ila liyUlvrA.yol.&liJlU U&IiyUl\Jg^llClov/ oLy&WillV<« l 


1.1.1 .Dj 


'^-.alT»lia^<^i* Vi'\//lTrkV'\/cf'^"rr*"i/1 H^Vi\/HTr*o^tn*c^ 
j^aiUiiaiui z\j~ucui I'liyuiWA y oLCiuiu udiyuivi^^^^'^c 


1.1.1 .oz 




111 

1.1.1 ,yD 


X nuapiiiJgiyL/craLC ucnyLiiugciiaoc 


1 1 1 1 

1.1.1.1 


/ -aipiid-iiyuiuAy oicrulu udiyur\jgciiaoc 


1 1 1 1 RzL 

1.1.1.1 OH 


Pnrhnrivl rpHiirta^ip rWADPW'i 


111 OC\fk 
1.1.1 .z^uo 


1 1 vf M 11 ic uci ly ui u ^ciiadc 


1 1 1 

1.1.1 D 


xiuuiiii^ii^ i&uuwiao^ 


1 1 1 9^9 

1.1.1 .Z. JZ. 


*T'**fT^lT\/HTnY"\/njinV»tVi5ilf*'n#* rpfliiffjiQ** 
1 diaiiy uiUA.y iiaLiiiuiciiCyiiw ic^uuviciow 


1 1 7 


ATvl-fllpnliol oviHflQp 

Aviyi ai^vjiivji v^A.iu.ao& 


1 1 1 1 S 


rS'^-9-livdroxv-acid oxidase 


1 1 9Q R 

1 . 1 .^^.o 


Alcohol dehvdroffenase TacceDtor^ 


1.2.1.2 


Formate dehvdroe;enase 


12 15 


Aldehvde dehvdro&enase rNADrP^H"^ 


1.2.1.8 


Betaine-aldehvde dehydrogenase 


1 1.1^ 


rrlvceraldehvde '^-nhosrihate dehvdropeffnase rnho^snhorvlatino^ 


1.2.3.3 


pyruvate oxidase 


1.3.99.2 


Butyryl-CoA dehydrogenase 


1.4.1.2 


Glutamate deydrogeanse 


1.4.1.3 


Glutamate dehydrogenase (NAD(P)+) 


1.4.3.3 


D-amino acid oxidase 


1.4.3.6 


Amine oxidase (copper-containing) 


1.5.1.3 


Dihydrofolate reductase 


1.6.4.2 


Glutathione reductase (NADPH) 
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Trvnanothione reductase 


1 6 OQ 7 


Dihvdronteridine reductase 

X.^ XXX y VXX \J \J IpVp^X XVAXXAV^ X Vi'VX LX w iJV/ 


18 14 


F)iVivdm1i"nnaTnide delivdroffenase 


11111 
1.11.1.1 




1 1 1 1 
1 . 1 1 . 1 .o 


^^ntal 51CR 


11117 
1.11.1./ 




1 1 1 1 1 n 

1,1 1.1. lU 


V^niUIlUC pCIUAlUdoC 


111111 
1.11.1.11 


l^~aoU(Jl UctlC pClUAlUdoC 


1,1^. l*t. 1 


Ullla uloC 


1 \A QQ 7 


t3C|Ud.lCllC CpUAlUaoC 


Oil 

Z. 1 .1 J 


1 nyrniLiyiaic oynuiaoc 


^ 1 1 AH 
Z. 1 . 1 .OU 


51 1 TVl rf^ rl n 1 1 Tl 


Oil /^'^ 
Z. 1 . 1 .Oj 


lV^f»fVl\/lai"^*H_ir^"NI A —-.rf^TT^fl^ltll— r'VCtPlTIf* ^-TTlf*tlT\/llT'JlTlC'fiF*"rilC** 


Oil n'x 

Z. 1 . 1 . 




0 10 0 
Z. 1 .z.z 


Plio cn TinrHr* cvlcl VP tTinrni Hp fnTTnvltrfiTi^fJp'rfi^f* 
1 iiUoiJiiLii y 1^1 Y ^iiicuiiiuw xuiiiiy i uciiiox&x<io& 


0 1 'I ^ 


O-mitViinf* pflrHfunovltranQfp'Tfl^ft 

\_/lIllUtXliV V^CU. LrdlliUy 1 IX ClIldXK^iao& 


9 9 11 


Ti*ji n c Vptol 3 Qp 


9 1 1 9 


r^iVivHrolinnamiHp SI-arf*tvllTaTi<;fera^e 


9 1 98 


r^VilnramnliPTiipnl O-acetvl transferase 


9 1 '^Q 


r Apvl-parripr "nroteinl S-m a 1 fin v1 transferase 


2.3.1.41 


3-oxoacyl-[acyl-carrier protein] synthase 


2.3.1.61 


Dihydrolipoamide S-succinyltransferase 


2.3.2.13 


Protein-glutamine gamma-glutamyltransferase 


2.4.1.1 


Phosphorylase 


2.4.2.10 


Orotate phosphoribosyltransferase 


♦2.4.2.14 


Amidophosphoribosyltransferase 


2.4.2.29 


Queuine tRNA-ribosyltransferase 


2.4.2.30 


NAD(+) ADP-ribosyltransferase 
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E.C. Number 


Enzyme Name 


2.5.1.1 


Dimethylallyltransferase 


2.5.1.7 


UDP-N-acetylglucosamine 1 -carboxyvinyltransferase 


2.5.1.10 


Geranyltranstransferase 


2.5,1.18 


Glutathione transferase 


♦2.6.1.1 


Aspartate aminotransferase 


♦2.6.1.16 


Glucosamine--fructose-6-DhosDliate aminotransferase rtsomerizin^ 


2.7.1.11 


6 -nh o sdIio fru c tokinase 


2.7.1.21 


Thwnidine kinase 


2.7.1.30 


Glycerol kinase 


2.7.1.37 


Protein kinase 


2.7.1.38 


Phosphorylase kinase 


2.7.1.40 


Pyruvate kinase 


2.7.1.69 


Protein-NnPIVnliosDlioliistidine-suffar nhosnliotransferase 


2.7.1.105 


6 -pho sphofru c to -2 -kinase 


2.7.1.112 


Protein-tyrosine kinase 


2.7.1.1 17 


[Myosin light-chain] kinase 


2.7.1.123 


Calcium/calmodulin-dependent protein kinase 


2.7.2.3 


Pho sphogly cerate kinase 


2.7.3.3 


Arginine kinase 


2.7.4.6 


Nucleoside-diphosphate kinase 


2.7.4.8 


Guanylate kinase 


2.7.7.6 


DNA-directed RNA polymerase 


2.7.7.7 


DNA-directed DNA polymerase 


2.7.7.10 


UTP~heoxe-l -phosphate uridylytransferase 


2.7.7.48 


RNA-directed RNA polymerase 


2.7.7.49 


RNA-directed DNA polymerase 


2.7.7.50 


mRNA guanylyltransferase 


2.8.1.1 


Thiosulfate sulfurtransferase 



SD- 1 44976.1 



56 



250/076 



E.C. Number 


Enzyme Name 


2.8.3.12 


Glutaconate CoA-transferase 


3.1.1.1 


Carboxylesterase 


3.1.1.3 


Triacylglycerol lipase 


3.1.1.4 


Phospholipase A2 


3,1.1.45 


Carboxymethylenebutenolidase 


3.1.1.47 


2-acetyl- 1 -alkylglycerophosphocholine esterase 


3.1.3.2 


Acid phosphatase 


3.1.3.1 1 


Fructose-bisphosphatase 


3.1.3.16 


Serine/threonine specific protein phosphatase 


3.1.3.46 


Fructose-2,6-bisphosphate 2-phosphatase 


*3. 1.3.48 


Protein-tyrosine-phosphatase 


3.1.4.11 


1 -phosphatidylinositol-4,5-bisphosphate phosphodiesterase 


3.1.11.2 


Exodeoxyribonuclease III 


3.1.21.4 


Type n site-specific deoxyribonuclease 


3.1.25.1 


Deoxyribonuclease (pyrimidine dimer) 


3.1.26.4 


Ribonuclease H 


3.1.27.3 


Ribonuclease Tl 


3.1.27.4 


Ribonuclease U2 


3.2.1.1 


Alpha-amylase 


3.2.1.2 


Beta-amylase 


3.2.1.4 


Cellulase 


3.2.1.8 


Endo-1 ,4-beta-xylanase 


3.2.1.14 


Chitinase 


3.2.1.17 


Lysozyme 


3.2.1.18 


Exo-alpha-sialidase 


3.2.1.21 


Beta-glucosidase 


3.2.1.23 


Beta-galactosidase 


3.2.1.85 


6-phospho-beta-galactosidase 



SD- 1 44976- 1 



57 



250/076 



10 



15 



20 



30 



K C Number 


Enzyme Name 


3 2 1 122 


Alnlia Q^lucosidasc 




Piirinft niiclen^ifla^e 


1 2 2 22 


rRNA N-fflvcosidase 


j-t. 11.1 


T .f*iirvl fltniTin'nPTitiHfi^ft 


J.H, 1 1 .J 


PttiIvI aTninnnPTitiflfl^p 


J .*+. 1 J . 1 -7 


T^plivHrf^npTttiHa^ip T 


'X A \ f^. 
j.'f . 1 0.O 


\_^aXUUAjr JJC|JLlUaoC 1_-/ 


4 1 7 9 
J.f , 1 / 


V^al ULIAjr^C^UUcloC Jj 




T^vTTkfrliifQTifi'v/l-nP'n+iHjiQP T 


'I 4 91 1 


V^Iljr IIIULI jr|Jolll 


4 91 4 


1 iy|Jolll 


'^491 S 


TTrrrtTTi V* i Ti 

1 lilLllliUlll 


^491 '^9 


fHvi ITITI 

xji aW'ii Y Ui 111 






4 9 1 69 


.^lllltlll<jiTI 






3 4 21.81 


Streotoffrisin B 


3 4 21 82 


Crlutamvl endooentidase II 


3 4 21 88 


Renre55sor lex A 


3 4 99 9 


p ana in 

X AL/AXXX 


3.4.22.28 


Picomain 3C 


3.4.23.16 


Retropepsin 


3.4.23.20 


Penicillopepsin 


3.4.24.27 


Thennolysin 


3.4.24.46 


Adamalysin 


3.5.1.1 


Asparaginase 


3.5.1.5 


Urease 


3.5.1.31 


Formybnethionine deformylase 
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E.C. Number 


Enzyme Name 


3.5.1.38 


Glutaminase-(asparagin-)ase 


3.5.1.59 


N-carbamoylsarcosine amidase 


3.5.3.3 


Creatinase 


3.5.4.4 


Adenosine deaminase 


3.6.1.1 


Inoreanic nvroohosnhatase 


3 6 17 


A cvlnhosnliatase 


3 6 1 23 


dl TTP TiVTonlio^TiViata^e 


3 6 1 34 


Frr+VtransDortinff AXP svnthase 


3 6 1 36 


H/K ATPase 

X X/ X^ Jk. X X 


3.6.1.38 


Ca ATPase 


3 8 15 


T-faloallcane delialo^enase 


4 111 


TKmivatft Hftnarhowla^f* 

X yxixvoLw u^^cu y lo-o^ 


4 117 

*T, 1.1./ 


T^pnTovlfoTTrifltp Hpparhnxvla^e 

xj^ii^v^ y iiviiiictiw Uwwu£ y Xuow 


4 1131 

*T. 1 • 1 1 


PVin^nVioenolnvnivatfi carhowlase 


4.1.2.13 


Fnictose-binliosnhate aldolase 


4.1.2.14 


2-dehydro-3-deoxyphosphogluconate aldolase 


4.1.2.17 


L-fiiculose-DliosDliate aldolase 


4.1.3.3 


N-acetylneuraminate lyase 


4.1.3.7 


Citrate (si) -synthase 


4.2.1.1 


Carbonate dehydratase 


4.2.1.2 


Fumarate hydratase 


4.2.1.11 


Phosphopyruvate hydratase 


4.2.1.24 


Porphobilinogen synthase 


4.2,1.39 


Gluconate dehydratase 


4.2.1.51 


Prephenate dehydratase 


4.2.1.52 


Dihydrodipicolinate synthase 


4.2.1.60 


3-hydroxydecanoyl-[acyl-carrier protein] dehydratase 


4.2.99.18 


DNA-(apurinic or apyrimidinic site) lyase 
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E.C. Number 


Enzyme Name 


4.3.2.1 


Argininosuccinate lyase 


4.6.1.2 


Guanylate cyclase 


5.1.1.7 


Diaminopimelate epimerase 


5.1.2.2 


Mandelate racemase 


5.3,1.1 


Triosephosphate isomerase 


5.3.1.5 


Xylose isomerase 


5.3.1.10 


Glucosamine-6-phosphate isomerase 


5.3.3.1 


Steroid delta-isomerase 


5.3.3.10 


5 -carboxymethyl-2-hydroxymuconate delta-isomerase 


5.3.99.3 


prostaglandin endoperoxide synthase 


5.4.2.1 


Phosphoglycerate mutase 


5.4.2.2 


Phosphoglucomutase 


5.4.99.5 


Chorismate mutase 


5.5.1.1 


Muconate cycloisomerase 


5.99.1.2 


DNA topoisomerase 


5.99.1.3 


DNA topoisomerase (ATP-hydrolysing) 


6.2.1.5 


Succinate—CoA ligase (ADP-forming) 


6.3.4.4 


Adenylosuccinate synthase 


6.3.4.14 


Biotin carboxylase 


6.3.5.2 


GMP synthase (glutamine-hydrolysing) 


6.3.5.5 


Carbamoyl-phosphate synthase (glutamine-hydrolysing) 


6.4.1.2 


Acetyl-CoA carboxylase 



As will be appreciated by those in the art, use of the instant invention in 
conjunction with above FSDs and other three-dimensional templates of protein 
function, as well as with such other constmcts as may be later developed, are within 
30 the scope of the invention. 
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Automated Implementation 

The various techniques, methods, and aspects of the instant invention can be 
implemented in part or in whole using computer-based systems and methods. 
Additionally, computer-based systems and methods can be used to augment or 
enhance the functionality described above, increase the speed at which the functions 
can be performed, and provide additional features and aspects as a part of or in 
addition to those of the present invention as described herein. 

The various embodiments, aspects, and features of the invention described 
above can be implemented using hardware, software, or a combination thereof, and 
can be implemented using a computing system having one or more processors. In 
alternative embodiments, these elements are implemented using a processor-based 
system capable of carrying out the functionality described with respect thereto. 
Typically, a computer includes one or more processors. The processor(s) is(are) 
connected to a communication bus. Various software embodiments are described in 
terms of this example computer system. The embodiments, features, and 
functionality of the invention are not dependent on a particular computer system or 
processor architecture or on a particular operating system, algorithm, or software. In 
fact, given the instant description, it will be apparent to a person of ordinary skill in 
the relevant art how to implement the invention using other computer or processor 
systems and/or architectures. 

In some embodiments, a processor-based system can include a main 
memory, such as a random access memory (RAM), and can also include one or 
more secondary memories. The secondary memory can include, for example, a hard 
disk drive and/or a removable storage drive, eg., a floppy disk drive, a magnetic 
tape drive, an optical disk drive, etc. The removable storage drive reads from and/or 
writes to a removable storage medium, such as a floppy disk, magnetic tape, optical 
disk, etc. that can be read by and/or written to by a removable storage drive. The 
removable storage media includes a computer usable storage medium having stored 
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therein computer software and/or data. Other alternative embodiments and 
configurations can also be employed. 

A computer system according to the invention can also include a 
communications interface to allow software and data to be transferred between 
computer system and extemal devices. Examples of communications interfaces 
include modems, network interfaces (such as, for example, an Ethernet card), a 
communications port, a PCMCIA slot and card, etc. Software and data transferred 
via communications interface 524 are in the form of signals which can be electronic, 
electromagnetic, optical, or other signals capable of being received by the 
communications interface. These signals are provided to the communications 
interface via a channel that carries signals and can be implemented using a wireless 
medium, wire or cable, fiber optics, or other communications media. 

In this document, the terms "computer program medium" and "computer 
usable medium" are used to generally refer to media such as a removable storage 
device, a disk capable of installation in a disk drive, and signals on charmels. These 
computer program products provide software or program instructions to the 
computer system. 

Computer programs (also called computer control logic) can be stored in a 
memory. Computer programs can also be received via a conmfiunications interface. 
Such computer programs, when executed, enable the computer system to perform 
the features of the present invention. In particular, the computer programs, when 
executed, enable the processor(s) to perform the features of the present invention. 
Accordingly, such computer programs represent controllers of the computer system. 

EXAMPLES 

The following examples are provided to illustrate the practice of preferred 
embodiments of the instant invention, and in no way limit the scope of the invention. 

Example 1 
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SICHO-Mediated Folding of 8 Representative Proteins 
J The test set employed in this work is representative of single domain water- 

soluble proteins'*^ and consists of the following proteins that were previously 
studied^ in the CAPLUS model: the small structured protein fragment of 6pti, 
chosen for comparison with the work of Smith-Brown et aL^ the all-a protein 
myoglobin (Imbs), the a/p motifs of protein G, thioredoxin, flavodoxin, and an all-P 
10 protein, 1 pcy. In addition, the folding of a 247-residue TEM barrel, Atim, and the p- 
protein 4fab was also exariiined. The set of constraints used in these studies have 
been reported previously,^ but only in those cases where the studied protein is the 
same. When a smaller number of constraints are used, they were randomly chosen 
from the larger constraint set. For the two proteins not studied previously, the set of 
1 5 long-range constraints employed appears in Tables 11 and HI, below. The short- 
range constraints, as before, come from the three-letter code of the DSSP 
assignment^^ of the native secondary structure, and are as described above. 



TABLE n. Tertiary Constraint Lists for 4fab 

27 constraints 16 constraints 



25 



1 PRO 


ASN-100 


XX 


4GLN 


MET-95 




8 THR 


PRO- 107 


XX 


8ILE 


PRO-21 


XX 


11 ILE 


LEU-21 




11 THR 


LEU- 107 




15 ILE 


LEU- 111 


XX 


19 LEU 


ALA- 109 


XX 


20LYS 


SER-79 


XX 


23TRP 


SER-40 




23 PHE 


SER-76 




29 fflS 


LEU-98 


XX 


34LYS 


GLY-55 




37LYS 


TYR-55 




39TYR 


ARG-54 


XX 


39SER 


ARG-94 


XX 


40 LEU 


TRP-52 


XX 


44GLY 


LYS-89 


XX 
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20 



25 



30 



40 LEU 




TRP-78 






XX 




42 ASP 




LEU-87 










43 VAL 




GLN-90 










53 LEU 




ILE-78 






XX 




56 PHE 




VAL-67 






XX 




67 ASP 




PHE-87 










80 LEU 




ILE-109 










92 GLY 




PHE- 106 






XX 




95TRP 




GLN-101 






XX 




TABLE m. Tertiary Constraint Lists for Atim 


Set of 62 


Set of 50 


Set of 37 


Set of 62 


Set of 50 




Set of 37 


constraints 


constraints 


constraints 


constraints 


constraints 




constraints 


2-228 


XX 


XX 


91-125 


XX 




87-120 


4-37 


XX 




91-231 


XX 




90-122 


4-206 


XX 


XX 


93-125 


XX 






6-123 


XX 


XX 


94-166 


XX 






6-89 






95-168 


XX 






6-162 






98-126 


XX 




XX 


7-248 


XX 


XX 


98-145 


XX 




XX 


1 A CkA 

iu-y4 


XX 






XX 






11-64 


XX 


XX 


105-148 


XX 






11-237 


XX 


XX 


109-152 


XX 






15-46 


XX 


XX 


112-149 


XX 




XX 


20-49 






112-161 


XX 




XX 


23-237 




24-54 


116-153 


XX 




121-160 


27-59 






127-145 


XX 






27-241 




32-59 


127-165 


XX 






30-245 


XX 


XX 


128-142 








36-58 


XX 


XX 


128-165 


XX 




XX 


26-248 


XX 


41-91 


130-175 


XX 




XX 


37-89 


XX 




133-181 


XX 






39-123 


XX 


44-82 


142-165 


XX 






47-63 






142-189 


XX 




XX 


47-87 






143-192 


XX 






51-86 


XX 


XX 


150-197 


XX 






59-245 


XX 


XX 


155-200 


XX 




XX 


60-89 






162-208 


XX 




XX 


63-90 


XX 




165-189 


XX 




XX 


66-79 




67-111 


165-209 


XX 




XX 


68-114 


XX 




183-225 


XX 




XX 


79-114 


XX 




193-205 


XX 




XX 


89-162 




82-120 


215-244 


XX 




XX 
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90-122 



XX 



XX 



230-248 



XX 



Results of Monte Carlo Simulated Annealing 

The results of stage 2 are compiled in Table IV, below. The numbers of 
constraints are given next to protein PDB codes.*'* An estimate of the cRMSD from 
the PDB structure and conformational energy (in dimensionless ksT units) is given 
for the last snapshot of each trajectory. The cRMSD is measured between the Ca's 
of the real structure and the roughly estimated position of the Ca's of the model 
chain. The latter are obtained according to the following definition: 
R^j = (4ri + Fi-i + ri+i)/6, where the sum in the brackets is over the corresponding 
side chain coordinates of the model chain. The exact agreement of the secondary 
structure of the predicted fold and the experimental structure was not examined in 
detail; however, in all runs, it was very close to the target with a small tendency for 
extension (by one or two residues) of helical fragments in some cases (e.g., the short 
helix of plastocyanin). The cRMSD and the energy (in dimensionless ksT units) 
correspond to the last snapshots of the second simulated thermal annealing runs. 

Generally, the predicted structures cluster into two well-defined groups, one 
of this dominates on the basis of energy, and which is taken to approximate native 
structure. The remaining, misfolded structures (when observed more than once) 
were also similar to each other. They represent the topological mirror structure 
where the chirality of the coimections between secondary structural elements 
(helices and p-strands) is reversed, but the chirality of the secondary structure 
elements is the same as in the native state, e.g., helices remain right handed. Several 
interesting observations emerge from the results presented in Table IV, below. First, 
in the majority of the runs, the native fold is recovered. The accuracy depends on 
protein size and number of constraints, but only slightly on protein type. Generally, 
accuracy increases with decreasing protein size. The best accuracy is observed for 
the 56-residue, Bl domain of protein G,"*' where in most simulations the obtained 
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structures had cRMSD from native below 3 A. Interestingly, for the smaller 6pti 
5 fragment with a larger number of constraints, the accuracy was systematically 

somewhat worse. This reflects the effect of protein "regularity." The fold of protein 
G has a high content of regular secondary structure, while in the 6pti fragment, a 
substantial fraction of the chain is classified as a loop or coil. The analysis of other 
cases shows a tendency towards higher accuracy for more regular folds. The 
10 accuracy of helical and oc/p proteins is greater than for all P-proteins. This is clearly 
demonstrated on comparison of Ipcy with 2trx. While both proteins are of 
Jp; comparable size, for 2trx with 16 constraints, structures with a cRMSD below 3.5 A 

4= are produced, but for Ipcy with 15 constraints, structures above 5.2 A result. 



TABLE IV. Coordinate cRMSD and Conformational 
Energy of the Final Structure at the End of the 
Simulated Thermal Annealing Procedure 



20 



30 



Name 


Rim no. 


cRMSD (A) 


Energy 


eptiClS)" 


1 


3.3'' 


-321.9 


41 res 


2 


3.8 


-313.2 


(18-56 fragment) 


3 


4.1 


-302.8 


6pti(9/Sl) 


1 


4.1 


-336.4 




2 


4.2 


-345.4 




3 


3.6 


-318.9 




4 


3.8 


-385.9 


6pti(9/S2) 


1 


3.8 


-331.8 




2 


4.3 


-320.2 




3 


4.0 


-341.6 




4 


4.4 


-353.6 


6pti(9/S3) 


1 


3.4 


-303.1 




2 


4.0 


-318.7 




3 


4.8 


-324.5 




4 


MI« 


-323.2 




5 


MI 


-322.5 


6pti(9/S4) 


1 


MI 


-319.1 




2 


3.8 


-312.8 




3 


4.0 


-320.8 




4 


4.2 


-280.4 




5 


4.1 


-302.0 


6pti(9/S5) 


1 


3.9 


-370.0 




2 


MI 


-324.7 
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20 



30 





3 


MI 


-283.3 




4 


4.4 


-355.2 




5 


4.2 


-338.2 


lgbl(8) 


1 


2.4 


-539.6 


56 res 


2 


2.6 


-527.7 




3 


2.6 


-530.2 




4 


2.7 


-562.3 




5 


2.7 


-548.0 




6 


2.7 


-542.0 




7 


3.0 


-550.5 




8 


3.2 


-586.7 




9 


3.5 


-563.7 




10 


4.0 


-551.0 




11 


MI 


-535.3 


lctf(10) 


1 


3.4 


-710.5 


68 res 


2 


3.6 


-758.3 




3 


3.7 


-720.9 




4 


3.7 


-746.6 




5 


4.1 


-622.5 




6 


MI 


-655.1 




7 


4.6 


-700.0 




8 


3.8 


-692.0 




9 


3.2 


-727.2 




10 


3.8 


-749.4 


lpcy(46) 


1 


3.1 


-841.8 


99 res 


2 


3.6 


-824.5 




3 


3.5 


-787.2 




4 


3.8 


-783.3 




5 


3.9 


-834.7 




6 


3.5 


-848.0 




7 


MI 


-744.2 


lpcy(25) 


1 


4.7 


-944.3 




2 


4.8 


-786.7 




3 


4.5 


-898.0 




4 


5.2 


-928.4 


lpcy(15) 


1 


MI 


-870.7 




2 


5.6 


-860.8 




3 


5.2 


-874.7 




4 


5.3 


-925.1 


2tix(16) 


1 


3.8 


-1098 


108 res 


2 


3.5 


-1089 




3 


4.5 


-1022 


2trx(30) 


1 


2.8 


-1036 



SD-144976.1 



67 



250/076 



10 



20 



30 





2 


3.2 


-1037 




3 


3.7 


-1041 




4 


MI 


-844 


4fab(27) 


1 


4.5 


-959 


1 1 1 res 


2 


4.4 


-1006 




3 


4.9 


-1037 




4 


4.1 


-1031 




5 


MI 


-984 


4fab(16) 


1 


5.0 


-1042 




2 


5.1 


-1062 




3 


4.8 


-1041 




4 


5.5 


-953 




5 


4.9 


-1035 




6 


5.8 


-1090 




7 


MI 


-1005 




8 


MI 


-1033 




9 


MI 


-1062 


3ficn(35) 


1 


3.6 


-1441 


138 res 


2 


3.8 


-1447 




3 


3.6 


-1432 




4 


3.5 


-1485 




5 


4.5 


-1409 




6 


3.5 


-1493 




7 


4.4 


-1464 




8 


4.1 


-1533 




9 


MI 


-1289 


3fiai(20) 


1 


3.7 


-1447 




2 


3.9 


-1464 




3 


3.3 


-1511 




4 


4.2 


-1515 




5 


4.2 


-1503 




6 


4.5 


-1499 


lmba(20) 


1 


3.5 


-1705 


146 res 


2 


3.7 


-1733 




3 


4.1 


-1705 




4 


5.6 


-1605 




5 


4.2 


-1849 




6 


5.0 


-1570 




7 


4.1 


-1741 


Atiin(62) 


1 


5.0 


-2412 


247 res 


2 


5.6 


-2357 




3 


5.7 


-2417 




4 


5.8 


-2491 
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5 5.4 -2499 

Atim(50) 1 5.9 -2428 

2 6.5 -2507 

3 5.9 -2540 

4 6.2 -2509 
Atim(36) 1 6.6 -2469 

2 6.4 -2599 

3 6.3 -2558 

4 MI -2593 

5 6.5 -2526 

6 6.5 -2643 



In parentheses, the number of long-range constraints, SI, S2, , , , S5, various sets of constraints for 
18-56 residue 6pti fragment. 
Coordinate root mean square deviation between crystallographic coordinates of Ca*s and the 

approximate positions of the model Ca's calculated as R^j = (4ri + rj.i + rj+i)/6. 

^ MI, misfolded structure that has satisfied the long-range constraints, generally the topological 
minror image fold. 

In the above cases, based on the confonnational energy of just one (the last 
in a trajectory) snapshot, it was possible in all cases to identify the proper fold. 
However, it should be also noted that this very simple criterion may not always 
work. Indeed, in the case of the fourth set (S4) of long-range constraints for 6pti, the 
difference between the energy of a misfolded state and the lowest energy of properly 
folded states (simulation #3) was marginal. Moreover, the three remaining properly 
folded conformations have a higher energy than the misfolded one does. 
Fortunately, for bigger proteins, the situation is different. The energy gap between 
the proper fold and misfolded states is usually quite large, except for the cases where 
substantial all of the protein (or particular protein domain) has a p-conformation, 
and thus has a smallest number of long-range constraints. 

The reasons for the apparently lower reliability of the P-protein prediction 
are complex, and several long-range constraints are required before complex p-type 
natural proteins can be folded. These proteins have a larger number of building 
blocks (compare the number of p-strands in an all-p protein with the number of 
hehces in a helical structure of similar size) and, consequently, more complex folds. 
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Thus, the same number of long-range constraints provides relatively less structural 
information for P-proteins. As a result, the demands on the force field with a given 
(small) number of constraints are greater. While frequently the proper fold can be 
identified by choosing the lowest energy final conformation, as happened in the 
studies reported here, this may not always be the case. Indeed, when the magnitude 
of the energy fluctuations is larger than the observed energy difference for the final 
states, a different protocol for the selection of the proper fold is necessary. Such a 
protocol is described in the next section. 

Structure Refinement and Selection of Native Folds 

As described above, the lowest-energy final structures from simulated 
annealing, representing the putative proper fold and the closest competing 
altemative topology, were subjected to isothermal Monte Carlo runs using the same 
force field and sets of constraints. The results of these stage 3 runs are summarized 
in Table V, below. 



TABLE V> Compilation of the Results of the Isothermal Simulations 







Average 


cRMSD (A) 


Average 


(S)'^^ (A) 


Name 


Fold 


cRMSD 


Ca-fit 


energy 




6pti(9/Sl) 


NAT 


3.69 (0.21) 


4.28 (0.29)' 


-323.4 


10.6 


41 res 


Ml'' 


Not observed 








18-56 












6pti(9/S2) 


NAT 


3.67 (0.22) 


3.60(0.11) 


-326.1 


10.6 




MI 


Not observed 








6pti(9/S3) 


NAT 


4.41 (0.12) 


4.23 (0.07) 


-325.0 


9.9 




MI 


8.01 (0.21) 




-301.0 


10.6 


6pti(9/S4) 


NAT 


4.01 (0.29) 


4.05 (0.22) 


-327.6 


10.6 




MI 


8.11 (0.34) 




-309.8 


9.6 


6pti(9/S5) 


NAT 


4.06 (0.24) 


4.27(0.14) 


-349.7 


10.8 




MI 


8.34 (0.23) 




-318.4 


10.2 


lgbl(8) 


NAT 


3.11 (0.13) 


3.39(0.14) 


-582.9 


10.9 


56 res 


MI 


8.61 (0.13) 




-567.2 


11.5 


lctf(10) 


NAT 


3.48 (0.25) 


3.21 (0.08) 


-699.9 


11.2 


68 res 


MI 


8.68(0.16) 




-656.9 


11.7 


lpcy(46) 


NAT 


3.44(0.11) 


3.80 (0.08) 


-856.5 


12.7 
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10 



20 



99 res 


MI 


11.34(0.08) 




-796.9 


12.7 


1 pcy(25) 


NAT 


4.87(0.12) 


4.88 (0.04) 


-952.5 


13.1 




MI 


Not observed 








lpcy(15) 


NAT 


5.27 (0.06) 


5.70 (0.16) 


-891.7 


13.0 




MI 


7.70 (0.08) 




-841.8 


12.9 


2trx(30) 


NAT 


3.63 (0.15) 


3.11 (0.14) 


-1013 


13.0 


108 res 


MI 


Not observed 








2tix(16) 


NAT 


3.43 (0.12) 


3.52 (0.06) 


-1082 


13.3 




MI 


11.88 (0.11) 




-888 


13.2 


4fab(27) 


NAT 


4.77 (0.06) 


4.42 (0.07) 


-1040 


13.8 


1 1 1 res 


MI 


11.49(0.13) 




-1011 


13.8 


4fab(16) 


NAT 


5.53 (0.08) 


5.92 (0.10) 


-1137 


14.1 




MI 


12.76 (0.09) 




-1033 


13.8 


3ficn(35) 


NAT 


3.91 (0.12) 


4.06 (0.08) 


-1514 


14.3 


138 res 


MI 


12.94(2.33) 




-1311 


14.3 


3fen(20) 


NAT 


4.44 (0.22) 


4.12(0.14) 


-1401 


14.3 




MI 


Not observed 








lmba(20) 


NAT 


4.44 (0.23) 


4.34 (0.05) 


-1698 


15.0 


146 res 


MI 


Not observed 








Atim(62) 


NAT 


5.19(0.10) 


5.08(0.11) 


-2423 


17.4 


247 res 


MI 


Not observed 








Atim(50) 


NAT 


5.77 (0.06) 


5.96 (0.04) 


-2483 


17.7 




MI 


Not observed 








Atim(36) 


NAT 


6.66 (0.09) 


6.74(0.15) 


-2622 


17.9 




MI 


9.97 (0.05) 




-2549 


17.9 



Native structure. 

^ Misfolded (generally the topological mirror image fold) structure. 

^ The number in parentheses is the standard deviation of the coordinate root-mean-square distance in 
Angstroms between the crystallographic and predicted a-carbon traces; see also the legend for Table 
IV, above. 



All simulations were done at T = 1 . The average cRMSD from native and 
the average energy are computed from 200 snapshots of the Monte Carlo trajectory. 
In all cases, the proper fold can be identified based on the average conformational 
energy. Thus, a combination of fast-simulated annealing and long isothermal runs 
allows the dependable selection of the proper fold. Indeed, during rapid assembly 
via Monte Carlo-simulated annealing, a fine-tuning of structural details is not always 
achieved. In long isothermal runs, the misfolded (topological mirror image 
conformations) states could always be detected as those of higher average 
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conformational energy. For the case 6pti where five different sets of constraints 
were examined, the lowest energy misfolded structure has a higher conformational 
energy than the highest energy proper fold, regardless of the set of constraints. On 
average, the accuracy of the predicted native fold improved slightly during the 
isothermal runs and ranges between 3 and 5 A cRMSD (for the estimated positions 
of the alpha-carbons), except for the Atim barrel where it was about 6 A. By way of 
illustration. Figures 8 and 9 present a representative conformation (generated using 
the MOLMOL"*^ procedure) of Sficn and 4fab obtained from the isothermal 
refinement runs (employs 20 and 16 constraints, respectively) with a cRMSD of 4.4 
A and 5.5 A, respectively. 

Increasing the number of long-range constraints, on average, leads to some 
increase in the compactness of the obtained structures, as assessed by their average 
root-mean-square radius of gyration. There is no obvious systematic difference 
between the dimensions of the native and misfolded states. Since in both cases the 
majority of constraints are always satisfied, the difference in conformational energy 
arises from the underlying force field that has a reasonable level of specificity for 
nativelike structures. Unfortunately, the non-constraint contributions to the potential 
are not sufficiently specific to fold the protein (except for a few small proteins) 
without the assistance of the constraints. On the other hand, within the limit of N/7 
constraints, if the constraints are used alone without the remainder of the potential, 
the resulting structures are essentially random. Thus, it is the synergism of the 
constraints with the underlying contributions to the potential that permits the folding 
of these proteins. For some of the test proteins, good folds could be obtained with a 
smaller than N/7 constraints (eg., 4 constraints for protein G). The value of N/7 is a 
conservative estimate of a safe lower bond for all proteins. This number is smaller 
than required by related methods."^"^ 

Next, the side-chain-based lattice models serve as targets for building models 
with two united atoms per residue, e.g, , as in the CAPLUS model. Table VI, below, 
displays the cRMSD data for such reconstructed main chains. 
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TABLE VI. Comparison of Results for the CAPLUS and SICHO Models With 



Exact Secondary and Tertiary Constraints 



PDB 


Number of 


Type 


Number of 


cRMSD in A from 


cRMSD in A from 


Name 


Residues 




Constraints 


the SICHO Model'*'' 


the CAPLUS Modef 


Igbl 


56 


a/p 


8 


3.4 


3.3 


Ictf 


68 


ct/p 


10 


3.2 


4.2 


Ipcy 


99 


P 


46 


3.8 


3.5 


.0 JP'^y 


99 


P 


25 


4.9 


5.4 


Ipcy 


99 


P 


15 


5.7 




2trx 


108 


ct/p 


30 


3.1 


3.4 


2trx 


108 


a/p 


16 


3.5 




4fab 


113 


P 


27 


4.4 




4fab 


113 


P 


16 


5.9 




3ficn 


138 


oc/p 


35 


4.1 


3.9 


^ Sficn 


138 


a/p 


20 


4.1 




Imba 


146 


a 


20 


4.3 


5.9 


Atim 


247 


a/p 


62 


5.1 




Atim 


247 


a/p 


50 


6.0 




Atim 


247 


a/p 


36 


6.7 





^ Average cRMSD of the Ca over an isothermal stability run. 

^ The average cRMSD is reported from structures obtained after the SICHO model has been mapped 
into the CAPLUS model and relaxed. 

20 



Somewhat surprisingly, there is no significant difference between the 
average quality of the rebuilt Ca chains and that roughly estimated from a simple 
linear combination of three successive side chain centers of mass. This shows that 
25 the side chain model is consistent with the CAPLUS model used previously. The 
Ca reconstruction process employed here neglects all the long-range interactions 
(except of course the target harmonic constraints), and was is done for the sake of 
computational efficiency. 

30 
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Comparison With Other Work 

As mentioned above, there have been several other attempts to use known 
secondary structure and some tertiary constraints in the prediction of protein three- 
dimensional structures. However, the closest studies of other workers who used 
both known secondary structure and exact tertiary constraints are those of Smith- 
Brown and coworkers and Aszodi and Taylor. Smith-Brown et aL reported the 
examination of a number of proteins. By way of example, flavodoxin, a 138 residue 
ct/p protein, was folded to a structure whose backbone cRMSD from native was 3.18 
A for 147 constraints. In contrast, with just 20 constraints, here structures whose 
cRMSD from native is 4.2 A were generated. Similarly, for 3fab, 90 constraints 
were reportedly required to produce a model whose cRMSD was said to be 4.6 A. 
For 4fab in the present approach, the use of just 27 constraints yielded a model 
whose cRMSD was 4.4 A. The reported requirement for a large number of 
constraints was likely due to the lack of knowledge-based, protein-like background 
potential. 

Another effort to predict the global fold of a protein from a limited number 
of distance constraints is due to Aszodi et al.^ In general, they find that to assemble 
structures below 5 A cRMSD, on average, typically more than N/4 constraints are 
required, where N is the number of residues. Even then, the method reported by 
Aszodi et al. had problems selecting out the correct fold from competing 
alternatives. While their best folds are of acceptable accuracy, the competing 
misfolded structures could be disregarded based on energetic considerations. In 
contrast, in the simulations presented here, the nativelike fold was easily detected as 
the lowest energy structure, and just N/7 constraints were required to produce 
structures of comparable accuracy. 

The MONSSTER algorithm uses the CAPLUS model,^ and also employs a 
reduced lattice model of protein, a background, knowledge-based force field, and a 
simulated thermal annealing Monte Carlo procedure for fold assembly. Using 
MONSSTER, about N/4 constraints are required to assemble P-type and ot/p- 
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proteins, while helical proteins required N/7 constraints. Here, for a representative 
set of proteins, all types of folds can be assembled with knowledge of, on average, 
N/7 tertiary constraints. In addition, the results are less sensitive to the distribution 
of constraints. For example, in the case of the 18-55 fragments of 6pti in the 
CAPLUS model, the cRMSD was about 6-8 A for the different sets of constraints. 
In contrast, in the side-chain-based model, for all sets of examined constraints, it is 
about 4 A. Furthermore, as evidenced by the ability to fold the 247-residue TIM 
from a fully extended state, much larger systems can be treated. With an increasing 
number of long-range constraints, the accuracy of assembled structures increases 
and is consistently better than for previously reported methods. In addition, the 
resulting models are found to be less sensitive to the constraint distribution. 

The instant invention also offers the advantage of speed. For small proteins, 
the algorithm is essentially interactive. It takes about 5-10 minutes of CPU time on 
a contemporary workstation to assemble the relatively complex motif of a 68-residue 
Ictf fragment. Since the cost scales approximately as N^ assembly of larger 
structures requires more time. Thus, a myoglobin folding simulation requires about 
2 hours of CPU time. 

CONCLUSION 

This example demonstrates that the invention provides a powerful new 
model for the assembly of three-dimensional protein structures firom known 
secondary structure and a small number of tertiary constraints. While the model 
only explicitly considers side chain centers of mass of the amino acid residues 
comprising the protein being studied, the effect of backbone atoms is implicitly built 
into the model force field, which also exploits the structural regularities seen in 
protein structures. Thus, the invention is fiilly compatible with more complex 
models that employ a larger number of united atoms per residue. In all respects, the 
invention compares favorably wife previous approaches having a similar goal: the 
assembly of tertiary structure firom loosely encoded secondary structural biases and a 
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small number of tertiary constraints. Important aspects of the invention include its 
utilization of side chain center of mass representations and the very small number of 
tertiary constraints required to assemble moderate resolution folds. For a 
representative set of al types of single domain proteins (all-a, all-P, o/p motifs), the 
required number of constraints is about Wl, with N the number of residues in the 
protein. Furthermore, due to a new, rapid treatment of side chain burial, the 
invention is applicable to multi-domain proteins. 

The invention also provides a relatively simple and reliable protocol of 
detecting a proper fold from less frequently generated misfolded structures. These 
misfolded structures are almost exclusively the topological mirror images of the 
proper fold. In all cases examined to date, the native-like structure always has a 
lower conformational energy. This and the small number of required tertiary 
constraints suggest that the invention's underlying force field captures a number of 
the essential aspects of protein interactions. At the same time, the model is simpler 
and computationally more efficient than previously employed lattice models.^'^^ 
Due to a much lower computational cost (at least one order of magnitude), it is 
possible to assemble larger structures, including the 247-residue Atim domain. 

Finally, using the invention it is also possible to generate at least low 
resolution folds using only a small set of probable side chain contacts''^ (predicted 
via correlated mutations analysis"^^) and somewhat more elaborate potentials 
describing short-range interactions (derived from geometrical analysis of 
sequentially similar protein fragments). Several example stmctures such as 
myohemerythrin (Ihmd) and the complex p-type motif immunoglobulin fold (Ifiia), 
have been assembled. 
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Example 2 



This example also describes the generation and refinement of protein 
molecular models. Threading-based target-template alignments were obtained from 
one standard threading method; but in principle, any could be used.^^ The 

2Q modeling technique employed was SICHO, which employs a very simple, and 

computationally very efficient, yet quite accurate, representation of protein structure 
and dynamics.^^''^ For the purpose of the this application, the model was refined by 
incorporating evolutionary information into the interaction scheme. Starting from an 
initial conformation of the model lattice chain that approximately followed the 

25 threading template, a Monte Carlo annealing procedure found a conformation that 
maintained some (but not all) features of the original template and at the same time 
optimized packing and intra-protein interactions, as defined by the reduced model of 
the probe protein. This could be also visualized as a folding simulation in a soft tube 
built around the threading template. 

2Q Here, the method was applied to 12 target/template protein pairs that produce 

various quality models. The parameters of the lattice model force field (more 
precisely, the balance between the intrinsic force field and the template-related 
biases) were adjusted by a trial and error method for three of the 12 target/template 
protein pairs. The obtained parameters were subsequently used in the other 9 

25 simulations. As will become apparent after analysis of the simulation results, the 

obtained models for the three proteins used for timing the potential were among the 
best. This may suggest that the method was strongly tuned to these three examples. 
This was not the case. First, the three proteins belonged to completely different 
structural classes, so any tuning was rather general, i.e., applicable to the majority of 

3Q single domain proteins. Second, when the tuning procedure was performed on just a 
single case (the plastocyanin/azurin pair), almost the same results are obtained, 
suggesting that the optimal balance between the template-related soft restraints and 
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the intrinsic force field of the model was similar for various proteins. Finally, the 
poorer results obtained for most of the remaining nine test proteins were simply due 
to the poor quality of the initial threading models. 

The remainder of this example can be outlined as follows. In Methods, the 
reduced lattice protein model is described, with the protein representation, the model 
of stochastic dynamics, the interaction scheme, and the template related biases and 
restraints being discussed. Then, in the Results section, the molecular models 
obtained from Monte Carlo simulated annealing and subsequent refinement 
procedures are compared with the initial crude, threading-based models. In the 
Discussion, the improved models are analyzed to identify typical underlying 
structural rearrangements.. Certain technical details are found in the Appendix. 

Methods 



Lattice model 

The reduced modeling of protein structure and dynamics usually employs an 
alpha carbon main chain representation. Side chains are either completely 
neglected or treated at various levels of simplification. The choice of the alpha 
carbon representation is mostly motivated by the high level of geometric regularity 
of the main chains in folded proteins.^^ On the other hand, the packing and 
interactions between the side chains are perhaps much more sequence specific than 
are those of the main chain. The latter are very similar in all proteins. 

As demonstrated in Example 1, SICHO is a usefiil protein-modeling tool, as 
it incorporates many protein-like features, including local conformational 
propensities and the characteristic packing regularities of protein side chains. A 
major advantage of SICHO is that the entire conformational space of quite large 
proteins can be efficiently sampled. For example, with the help of a properly 
designed force field, loose knowledge of the secondary structure and a few long- 
range side chain contacts (about N/7, where N is the number of residues), which 
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may come from sparse NMR data or other experimental techniques, low-resolution 
protein structures can be reproducibly and rapidly assembled for proteins containing 
up to 250 amino acids or more. 

The SICHO model employed in this example is very similar to that used in 
Example 1, although there are some differences in the protein representation that 
slightly increase the geometric fidelity of the model. 

Reduced representation of polypeptide chains 
The model chain consists of a string of virtual bonds connecting the 
interaction centers that correspond to the center of mass of the side chains and the 
backbone alpha carbons. All heavy atoms have the same weight in this averaging. 
Thus, the center of glycine coincides with its Ca, the center of alanine is located in 
the middle of the Ca-Cp bond, the center of valine roughly coincides with the Cp 
atom, etc. These interaction centers (beads) were projected onto an underlying cubic 
lattice with a lattice spacing of 1 .45 A. This constant defines the spatial resolution 
of the model. Obviously, the virtual bonds resulting from such a projection are of 
various lengths, depending on the identity of the two corresponding residues, the 
main chain conformation and the rotameric state of the side chain {see Figure 10). A 
change in any of these variables may change the corresponding virtual bonds (the 
chain vectors v). In proteins, these distances have a quite broad distribution, ranging 
from 3.8 A for a pair of glycines to about 10 A for some pairs of large side chains in 
their anti-parallel orientation and expanded conformations. The corresponding set of 
lattice vectors covers this distribution with good fidelity. The shortest vectors were 
of the form of (±2, ±2, ±1) or (±3,0,0) vectors, including all possible permutations. 
The length of these vectors corresponded to a distance of 4.35 A. The longest lattice 
vectors were of the (±5, ±2, ±1) type and their length corresponded to 7.94 A. Thus, 
the wings of the distribution are cut off. This should not have any noticeable effect 
on the model's fidelity because the small distance cut-off error is well below the 
resolution of the model, and the long-distance cut-off error is not important due to 
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very rare occurrences of distances above 8 A. As a result, the set of allowed lattice 
bonds consists of 646 vectors, and sequentially adjacent vectors could not be 
identical. 

A cluster of excluded volume points was associated with each bead of the 
model chain. Each cluster consisted of 19 lattice points: the central one; six points 
at positions (±1,0,0), (0,±1,0) and (0,0,±1) with respect to the central one; and 12 
points at positions (il ,±1 ,0), including all permutations. Thus, the closest approach 
positions of another cluster with respect to a given cluster were of the form 
(±2,±2,±1) and (±3,0,0), as measured between the cluster centers. It could be easily 
calculated that, here, there were 30 closest approach positions. The distance of the 
closest approaches nicely corresponded to the smallest values of the inter-residue 
distances in real proteins. Since the average "contact distances" (see the following 
sections) of the model residues were somewhat larger than the distance of the closest 
approach, there were many more than 30 spatial orientations of two residues being 
in contact. Consequently, such a representation of protein structure avoided various 
anisotropy effects typically seen in the lower resolution lattice protein models. 
Figure 1 1 shows a small fragment of the model chain confined to the underlying 
cubic lattice with a lattice spacing equal to 1 .45 A. The excluded volume points are 
denoted by the solid and open circles. The solid circles indicate the three lattice 
points along the direction orthogonal to the plane of the figure: one in the plane 
below and one in front of the plane. The open circles denote points in the plane. 
With the above geometric restrictions, all PDB structures^ could be represented with 
an average root mean square deviation (RMSD) of about 0.8 A. Again, the accuracy 
of the fit does not show any systematic dependence on protein length nor on the 
orientation of the crystallographic structure with respect to the lattice coordinate 
system. Some features of the model chain are illustrated in Figure 10. 
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Conformational updating 

The simplicity of the model protein representation facilitated the very rapid 
sampling of conformational space. The Monte Carlo algorithm employs three types 
of conformational transitions. The first type is a single bead, two-chain vector 
move. A random displacement of a randomly selected bead is generated and 
approved provided that the vector lengths and the excluded volume are not violated. 
The range of a random displacement is from 1 to 5^^ lattice units. When accepted 
by the Metropolis criterion"* {see the next section), such a move is equivalent to a 
collective rearrangement of the main chain and/or the side chain internal coordinates 
in a real polypeptide chain. The force field of the model, especially its generic 
components, prevented the acceptance of nonsensical, non protein-like 
conformations.*^ The second type of motion involved the permutation of three chain 
vectors. This was a larger scale move that was relatively rarely accepted due to 
possible steric interactions. The last type of move involved a randomly selected 
fi-agment consisting of several chain units. This Augment moved as a rigid body due 
to appropriate small changes in the two flanking chain vectors. For instance, such a 
20 move could translate a helical segment by a small distance, thereby slightly 
changing the conformation of the corresponding turn or loop regions. 

Interaction scheme 

The model force field consisted of several types of potentials. The first were 
generic biases that penalize against non protein-like conformations. These potentials 
were sequence independent. Sequence specific contributions to the force field 
consisted of knowledge-based two-body and multi-body potentials extracted firom a 
statistical analysis of known protein structures. Finally, there were two kinds of 
potentials that contained evolutionary information extracted firom multiple sequence 
alignments. In all cases, all PDB structures whose sequences were similar to the 
query sequence have been removed firom the structural database used in the 
derivation of the potential (greater than 25% sequence identity). 
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1. The generic protein stiflhess potential and secondary 
structure bias 

As defined above, the model chain was intrinsically very flexible. A 
substantial fraction of its conformations that were allowed due to the assumed 
simplified hard core interactions did not correspond to any real polypeptide chain 
conformation. In particular, proteins are relatively stiff polymers. Moreover, folded 
proteins have very characteristic distributions of certain short-range distances. For 
example, the bimodal distribution of the distances between the i-th and i+4* residues 
reflects the tendency to adopt either of two types of conformations. These 
correspond to extended (P-type or extended coil) or very compact conformations (as 
within helices or tums). Such generic features need to be included in the model. 
Here, the SICHO model differs from that used in Example 1 due to the refined 
protein representation (a larger number of allowed chain vectors and a modified 
position of the center of interaction, that also included alpha carbons). 

First, for all possible two-vector sequences of the model chain, a direction w 
was defined that was almost perpendicular to the plane formed by the fragment. A 
small systematic deviation from the exactly orthogonal direction was introduced in 
w to obtain vectors that were, on average, parallel to the helix axis and which also 
accounted for the average supertwist of P-strands. 

Ui=(Vi.l®Vi-VM-Vi) (1) 

Wi=Ui/|Ui| (2) 
where Vi is the i-th vector (or virtual bond) of the model chain, the symbol "®" 
denotes the vector cross product and |ui| is the length of vector uj. Consequently, 
these "directions of secondary structure" (the vectors w point along a helix or across 
a p-sheet) were normalized so that their length was equal to 1 . The idea is explained 
in Figure 12, where the model chain virtual bonds are shown in solid lines and the 
vectors Wj are shown in open arrows. 

The stif&iess/secondary structure bias has the following form: 
Estiff=-egen[£min{0.5, max(0, wj • wj^)}] (3) 
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-egen[2min{0.5, max(0, Wi • wj^)}] 

5 Bgen is a constant energy parameter, common for all generic potentials, and Z means 
summation along the chain. The above formulation means that the system is 
energetically stabilized when pairs of "direction of secondary structure" vectors are 
parallel (positive dot product). As can be read from the above equation, the 
stabilization energy increased in the range between 90° and 30° (angle between 

10 appropriate vectors w) and then maintained its extreme value. Thus, small 
fluctuations of the secondary structure had no influence on the value of this 
potential, nor did the changes outside the regular conformations (negative values of 
the dot product) have any effect on the conformational energy. The minimum value 
of the stiffness function per residue was equal to 8gen , and the maximum was 0. 

1 5 Additionally, a bias was introduced towards the specific geometry of helical 

and p-type expanded states (however, it was quite permissively defined). All 
conformations were, of course, allowed; the purpose of this bias was to mimic a 
protein-like (average) distribution of local conformations. Symbolically, this could 
be written as follows: 

20 Estruct = 2 {5H1 (i) + 5H2{i) + 5El(i) + 5E2(i)} (4) 

with: 

5Hl(i) = -Egen , for r^i,i44 < 36 and (Vi #¥1+3) >0 and (v, •Vi+z) <-5 

0 , otherwise (4a) 

5H2(i) = -8gen , for r^i,i+4 < 36 and (vi •Vi+3) >0 and (Vi+i •Vi+a) <-5 

0 , otherwise (4b) 

5El(i) = -8gen , for 56 < < 135 and (Vi •Vi+2) > 5 

0 , otherwise (4c) 

5E2(i) = -8gcn , for 56 < < 135 and (Vj+i •Vi+3) > 5 

0 , otherwise (4d) 

The numerical values are in lattice units and were selected to define a broad range of 
helical/turn conformations (for the 5H1 and 5H2 contributions) or expanded 
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conformations (for the 5E1 and 5E2 contributions). EKie to the exclusive character 

5 of the two subsets of geometrical conditions for specific chain conformations, the 
minimum contribution fi-om a residue is equal to -28gen (either the first two 
conditions or the two last conditions can be simultaneously satisfied). Expressed 
differently, equation (4d) indicated that the system gained an energy equal to -8gen 
for being in an expanded (J-type conformation. For a four-vector firagment of the 

10 chain, this required that the distance between the i-th and i+4* beads (the centers of 
mass of the side chain plus Ca units) had to lie between 10.7 and 16.8 A, and the 
chain vectors Vj+i and Vi+3 have to be oriented in a parallel-like fashion (the dot 
product >5). Additional stabilization is gained when, for the same fi-agment, another 
pair of vectors is parallel {see equation 4c). The broad ranges allowed for 

15 substantial fluctuations (without an energetic penalty) around an ideal expanded 
state and accommodated the variations of the model chain geometry caused by 
differences in side chain size. 

Computational experiments have also been performed where all interactions, 
except the ones defined above, were turned off. At low temperature, the model 

20 chain formed rapidly fluctuating local clusters of expanded and helix-like states. 

The persistence length and the distributions of the short-range distances along the 
chains mimicked protein-like geometry. 

2. Generic packing cooperativity 

25 Two terms were introduced to enforce some of the most general regularities 

of the dense packing of protein structures.'^ In all the more regular elements of 
secondary structure (within helices and |3-sheets, but not between helices) and, to a 
lesser extent, in some coil-type firagments and turns, given a contact between a pair 
of reference residues, there was a very strong preference to have contacts (we 

30 provide precise definition of the "contact" later) between the preceding and the 
following residues. Indeed, the contact maps of globular proteins contain very 
characteristic strips.^^ Those near the diagonal corresponded to the intrahelical 

SI> 1 44976.1 



250/076 



contacts, those farther from the diagonal (parallel or antiparallel to the diagonal) 
correspond to contacts between p-strands within p-sheets. Thus, the following 
energetic bias was introduced towards such a mode of packing: 

Emap = -egen {££ (Sy • 8\+] j+i • Sj-i j-i) 5par (5) 
+ EE (5ij • 5i-i j+1 • 5i+! j-l) Sapar} 

where the summations are over all pairs of residues ij, and Sy is equal to 1 (0) when 
residues i and j were (were not) in contact. Spar was equal to 1 only when the 
corresponding chain fragments are oriented in a parallel manner, z.e., when the chain 
vectors satisfied the following condition (vj-i + Vi)«(vj.i + Vj)>0; otherwise, 5par =0. 
Similarly, 6apar was equal to 1 when the chain fragments were antiparallel, and it was 
equal to zero otherwise. For a given contact of a pair of residues, the maximal 
energetic stabilization due to regular side chain packing was therefore equal to -Sgen, 
which had the same value as in the previously defined potentials. 

The packing cooperativity of the model protein was fiirther enhanced by a 
term that mimics main chain hydrogen bonds. The geometry of protein hydrogen 
bonds was translated into a specific range of the model chain geometry. First, a 
vector was defined that was likely to connect the model beads within motifs that 
represent regular secondary structure elements. Such a vector should connect beads 
i and i+3 in a helix and the appropriate beads in a P-sheet. An optimization 
procedure leads to the following definition of this vector: 

hi = 3.3 (Vi.i 0 Vi)/ 1 (Vi., 0 Vi) I - ViV I Vi., I (6) 
The value of the 3.3 pre-factor has been found to be optimal (or more 
precisely near optimal) for reproducing the internal main chain hydrogen bonding in 
the lattice projected PDB structures. However, due to the wide distribution of the 
model chain bond lengths, there were always some hydrogen bonds that were missed 
in the model. The coordinates of the vectors hi were rounded-ofiF to the nearest 
integer value. Thus, in a helix the hi vectors have a component whose length was 
about 3 lattice units in the direction perpendicular to the three-residue plane (the first 
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term in the above sum) and were also tilted back by a lattice unit (the last term of 
equation 6). The projection along the helix axis was also about 3 lattice units; this 
nicely coincided with the 1 .5 A longitudinal increment per residue in a real helix. 
Residue i was considered to be hydrogen bonded with residue j when the vector hj 
pointed to any of the 19 points of the excluded volume cluster of residue j. 
Correspondingly, the vector -hi may point to another cluster. Such a situation was 
illustrated in Figure 13, where residue i is hydrogen bonded with residues j and k 
because the hydrogen bond vectors coincide with the excluded volume of both 
residues. The excluded volume clusters were symbolically represented by open 
spheres. Since the excluded volume clusters never overlapped, the maximum 
number of these "hydrogen bonds" originating from residue i was equal to 2. The 
total energy of the "hydrogen bond network" could be written as: 

EH-bond = -SH-bond ^5"^ + 6' + 5^'' (7) 

where 6' (5*) equaled 1 when the vector hi (-hi) cormected with an excluded volume 
cluster, and 5"*"*' = 1 when the both vectors connected to some clusters, respectively. 
Otherwise, the corresponding terms were equal to zero. The cooperative 
contribution, 5^*', corresponded to local saturation of the hydrogen bond network. 

Again, a computational experiment was done to check the effect of these 
generic potentials on the behavior of the model system. When only the interactions 
outlined up to this point were included (all the above short- and long-range generic 
potentials), the model lacked sequence specific information. At sufficiently low 
temperatures, the chain adopted either of the following two types of structures, a 
long (sometimes broken) helical structure or a P-sheet with a right-handed 
supertwist. These motifs fluctuated and were not structurally unique. In a long 
chain, these two classes of secondary structure elements sometimes formed separate 
domains. 
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3. 



Sequence specific short-range interactions 



For the sequence of interest, from the structural database, one may extract 
the statistics of distances between a pair of amino acids (with their interaction 
centers as defined in the model) Aj and Bi.k, where A and B denote the identities of 
the amino acids and i is the position in the chain. Here, k=l, 2, 3, 4, 6 and 8 was 
considered. The terms for k=3 and k=6 were treated as chiral variables. This meant 
that the distance between Ai and Bi+3 was stored as a positive or negative number, 
depending on the handedness of the corresponding three-bond segment. For the k=6 
case, the chirality was defined for three subsequent supervectors (the doublet of 
vectors between beads i and iH-2, i-l-2 and i+4, and from i+4 to iH-6). As was done 
here, the sequence of interest could be divided into overlapping short fragments. 
These could be aligned to the sequences of known structures. The highest scoring 
fragments provided a set of structural templates. The obtained statistics could be 
related to a random distribution and the statistical potential of mean force could be 
appropriately derived. Terms for k=l , 2, 3, and 4 were weighted equally, while the 
terms for k==6 and k=8 had weights reduced by a factor of two, with respect to lower 
order terms. Homologous proteins were always excised from the structural database 
for the purpose of these test calculations. As previously shown, this type of 
potential very nicely reproduces the local conformational propensities of globular 
proteins.'^ 

The short-range potentials could be made even more sequence specific when 
evolutionary information encoded in homologous sequences was employed. In such 
a case, the aligned fragments of highly homologous sequences (from the sequence 
database) were treated as the original test sequence, thereby increasing the strength 
of the statistics. The details of the derivation procedure are given in Appendix 1 . 



The pairwise interactions between model residues were defined by contact 
potentials in the form of a square well fimction. 



30 



4. 



Sequence specific pairwise interactions 
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OO , for rij<3 

^ Eij= E"^ , for3<rij<Rij'^ 

(8) 

eij , forRij"^<rig<Rig 

0 . for Rig < Tig 
10 where eij were the pairwise interaction parameters, rig was the distance between 

chain beads i and j, =3kT was a constant repulsive term operating at very short 
distances, and Rij'^ and Rjg were the cut-off values that depend on amino acid type. 
The values of these cut-off parameters were provided in Table Vn. 

1 5 Table VII. Compilation of pairwise cut-off distances for pairwise interactions 





Aj 


Rij"" (A) 


Rig (A) 


Small^ 


Small 


4.35*' 


5.97 


Large*^ 


Large 


4.83 


6.80 


Other 


Combinations** 


4.57 


6.32 



20 



25 



30 



^ Small amino acids are: Gly, Ala, Ser, Cys. 

^ This value corresponds to the excluded volume radius of three lattice units; therefore, for pairs of 

small amino acids, the soft-core envelope does not exist 

^ Large amino acids are Phe, Tyr, Trp. 

^ Small-large, other (than small or large)-large, other-small. 



The interaction parameters depended not only on amino acid identity, but 
also on dieir positions in the polypeptide chain because the derivation of the 
potentials also used evolutionary information. A more detailed description of the 
derivation of these potentials is found elsewhere.*^ The total energy contribution 
from the pairwise interactions was therefore calculated as follows: 

Epair = 5:EEij (9) 
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where the summations were over all j>i pairs of residues. 



5. 



Multibody potentials 



The hydrophobic interactions in this model were partially accounted for by 
pairwise interactions between residues; however, this was not sufficient to generate 
well packed proteins. Thus, a surface exposure based statistical potential was 
developed according to the following scheme: Each model residue was assigned 24 
surface contact points. A specific subset of these contact points became occupied 
upon contact with other residues. The main chain Ca atoms contributed separately 
to the coverage of a given residue. The positions of the Ca atom could be quite well 
approximated given the positions of three consecutive side chain beads. Some 
contact points could be multiply occupied. The fraction of non-occupied surface 
points defined the exposed firaction of a given side chain. Potentials could be 
derived firom a statistical analysis of the protein structures for which the solvent 
exposure had been determined on the atomic level. The total surface energy was 
computed as follows: 



where ai was the covered firaction of the residue Ai and Eb(Ai, a\) was the statistical 
potential when amino acid type A had aj of its surface points occupied, i.e., the 
covered fraction of its surface was equal to ai/24. 

Studying the distribution of inter-residue contacts in globular proteins, 
various amino acids have been found to have different tendencies to pack in a 
parallel or antiparallel fashion. A contact between residues i and j was considered to 
be "parallel" when (vj.i - Vi)*(vj.i- Vj)>0, and "antiparallel" otherwise. Moreover, for 
a given residue there were strong correlations between the number of parallel and 
antiparallel contacts given the total number of contacts. Due to the reduced 
character of this model, the other contributions to the force field did not properly 
account for such effects. Therefore, the model force field was supplemented by the 
following multibody potential: 



Esurface = 2 Eb(Ai, aj) 



(10) 
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Emuiti = 2 Em(A,np,na) (11) 
where Eni(A,np,na) was the value of the statistical potential for residue type A 
having np parallel and na antiparallel contacts. The reference state was a random 
distribution of contacts. The values along particular diagonals (np + =nc) were 
normalized such that the lowest energy for a diagonal was exactly equal to the value 
of statistical potentials derived from the distribution of the total number of contacts 
nc for a given type of residue. 

6. Total intrinsic conformational energy 

The total internal conformational energy of the model chain was equal to: 

Etotal = Estifr^"Emap'K).875EH4)ond"K).75Eshort+1.25Epair"H).5Esurface"^ 

(12) 

with the value of generic parameter 8gen = 1 kT. 

The relative scaling of various potentials was adjusted by a trial and error 
method in ab initio folding experiments performed for a few selected small proteins, 
1 fiia, the B domain of protein A and the Bl domain of protein G. The objective 
was to maintain low secondary structure content in the random coiled state and 
dense packing with a proper level of secondary structure in the collapsed globular 
state. For instance, the small 56-residue a/p protein G domain folded ab initio in 
about 30% of simulated annealing Monte Carlo simulations to a native-like structure 
with an RMSD from native in the range of 4 A. The majority of the remaining 
misfolded conformations had native-like secondary structures, but they had 
topological errors, usually involving the wrong order of P-strands in the four- 
member p-sheet The model is not sensitive to small variations in these scaling 
parameters. 

Building the starting lattice model 

A separate algorithm was used to build an initial lattice model from a given 
target sequence alignment to a template structure. Such alignments contain gaps and 
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insertions. First, interaction centers were computed from the template. Then, 
starting from the first aligned position, the lattice chain was sequentially built. At 
each step in the aligned region, the new vectors were selected so as to minimize the 
distance of the lattice chain from the equivalent template points. In the gap regions, 
the distance from the last residue of the preceding aligned fragment to the first 
residue of the next was divided to generate a set of checkpoints. The number of 
these checkpoints was equal to the number of target sequence residues that had to be 
mounted to span the gap. The checkpoints outside the entire aHgnment were 
generated in a random fashion. The set of all checkpoints provides the target for the 
starting lattice model. The model chain maintains the excluded volume and satisfies 
the other geometric restrictions discussed before. 

Implementation of the template restraints 

The template (more precisely the structural fragments of the template protein 
that correspond to the aligned residues of the probe sequence) was projected onto the 
underlying cubic lattice. The corresponding three-dimensional array, initially filled 
with zeros, was then updated to store a loose trace of the template. All elements of 
the array that were closer than 6^^ lattice units from template residues were assigned 
the corresponding residue numbers. When a lattice point was within a distance of 
6'^ from two or more residues, the number of the closest residue was assigned to the 
corresponding element of the occupancy array. In the direction towards the center 
of mass of the template, the cut-off distance for creating the template "tube" was 
equal to 14*^ instead of the 6*^ value in the other direction. This filled in most of 
the volume occupied by the template structure. Figure 14 schematically shows such 
tubes surrounding the aligned Augments of the template chain (in solid lines). To 
illustrate the above-mentioned different width of the tube in tfie directions towards 
the center (versus the outside) of the template structure, the blobs forming tube were 
shifted towards the center of mass of the template. This facilitated the close packing 
of the query (target) chain that wanders within the tube. 
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As described in the previous section, the starting model was placed into the 
template tube. The initial alignment provided an equivalence list between the 
template and target residue indices. This was called "the old assignment" in contrast 
to the "new assignment" which was generated by the program. Both the old and the 
new assignments were then evaluated and updated in the following way: 

a) At very beginning of the simulation process, the old assigmnent (the original 
alignment) was copied into the new assignment list. The entries of tfiese lists 
identify the tube compartments and the equivalent residues of the template 
chain. Then, all residues for which the total number of long distance (i-j>4) 
contacts for a three-residue fragment (with the residue of interest as a central 
one) was smaller than 2 become non assigned both in the old and new 
assignment lists. This erased those template fragments that did not interact 
with the rest of model protein. Thus, "non compact" fragments of the 
template are ignored. 

b) The new assignment was then modified when, for a steric reason (or due to 
local stiffiiess), the initial query chain residue simultaneously satisfied the 
following two criteria: (i) the bead of the query chain was farther away than 
5 lattice units from the corresponding template residue of the original 
equivalence assignment ("old assignment"), (ii) the position of the query 
chain residue (the central point of the excluded volume cluster) coincided 
with a lattice point that is assigned to any other template residue. The 
number read from the appropriate element (occupied by the lattice chain) of 
the occupancy array that corresponded to the bead coordinates became the 
updated entry of the new equivalence list. 

c) For all residues of the starting query chain that were farther away than 9 
lattice units from the equivalent (according to the old assigrunent) template 
residues, both old and new assignments were erased. These residues also 
became non-assigned. All allowed updates of the old assigrunents could 
only remove some entries from the equivalence list, which meant that some 
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part of the threading alignment was erased. The new assignments were 
5 dynamic (due to the updates described in b), and they had the character of a 

structural superposition, which was not sequential in many places. 
This updated pair of assignments of the query chain residues to the template 
defined a flexible tube around the template chain. To keep the moving query chain 
in the neighborhood of the template, a set of biases was introduced. First, the model 
2Q chain was kept in the broad vicinity of the original template (according to the 
updated old assignment list) by 

Etemp,o = 2 5o(i) fr max{0, (|ri-roi| - 9)} (13) 
where f, was a constant (equal to IkT in all simulations), rj was the position of the 
query chain, roi was the position of the template and 5o(i) was equal to 1 (0) when 
1 5 the residue i was assigned (non assigned) according the old alignment. 

Then, the residues of the query chain were similarly bonded to the template 
residues in the new assignment by 

Etemp.n = 2 5n(i) fr max{0, (|ri-rni| - R,.)} (14) 
where rni was the position of the initial template according to the new assignment 
20 and 5n(i) was equal to 1 (0) when the residue, i was assigned (non-assigned) 

according the new assignment. The constant Rt. was equal to 7 (4) when residue i 
occupied any point of the template tube (the residue was outside the tube, i.e., the 
occupancy array at position rj had value 0). 

Additional restraints were the following: 
25 Etube = -E^ 2 {5o(i) 53(i) + 5n(i) 5t(i) + 5n(i) 5c(i)} 

where 53(i) was equal to 1 when the residue i of the query chain was at a distance 
smaller than 3 lattice units from the template according to the old assignment, 
otherwise 53(i) equaled 0. The second component, 5t(i), was equal to 1 (0) when the 
residue was anywhere in the template tube (is outside). 5c(i) was equal to 1 for a 
"quasi-continuous" alignment on the tube, z.e, when {al(i-l)-fal(i+l)}/2 -al(i) <2, 
where al(i) was the value of occupancy array in the tube for residue i of the query 
chain, otherwise 5c(i) equaled 0. 
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A small energy reward was also provided when the secondary structure of 
the query chain was consistent with the template structure. For all residues that were 
in extended or helical states (as defined in the loose conformational definition used 
for the generic short range potentials) and that were in agreement with the secondary 
structure read fi-om the corresponding firagments of the template protein, the system 
was stabilized by an energy equal to -Sgen- 

With the above restraints, the system only paid a small energetic penalty for 
moving along the template tube (shifts in the alignment with possible lateral 
adjustment); however, the penalty was large for escaping from the loosely defined 
volume occupied by the template. For instance, it was possible that continuous 
fragments of the original alignments permute (this cannot be called an alignment in 
the conventional sense) by swapping their original tube compartments. This only 
occurred when the potential strongly favored such a rearrangement of the topology. 
The two assignments, carried out by the algorithm, played a different role. The 
"old" one bonded the model chain to the broad vicinity of the threading-based 
template. The "new" dynamic assignment was a compromise between the template 
restraints and packing requirements of the model chain. 

Summary of the threading model refinement protocol 

The entire model building procedure is illustrated in a flow-chart (Figure 1 5) 
and can be outlined as follows: 

a) generate the threading alignment between the query sequence and the 
template structure; 

b) derive the sequence similarity based short and long-range pairwise 
potentials. The structures of proteins homologous to the query sequence are 
excised from the structural database; however, multiple alignments with the 
homologous sequences of unknown structures were used in the potential 
derivation procedures; 
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c) build the starting continuous model chain onto the lattice projected template 
structure; 

d) build the tube around the aligned fragments of the template structure. Then, 
perform the first state of Monte Carlo refinement, where simulated aimealing 
is done over a temperature range of 2-1 . Since the Monte Carlo algorithm 
corrects unlike fragments of the aligimient, the simulated annealing run is 
repeated two times. Subsequent runs have no systematic effect on the 
obtained models; 

e) refinement of the structure. The model obtained from the above simulations 
is assumed to be the new template, with a full length, complete self- 
alignment. The distance restraints from the new template are narrowed to 4 
lattice units, and simulated annealing is performed over a narrower 
temperature range (1.5 to 1.0); 

f) selection of the lowest energy structures, by short isothermal simulations at 
- T=l, followed by building the all-atom models using MODELLER.^"* 

Results 

Test proteins, templates and starting alignments 

Twelve pairs of target/template proteins of very low sequence similarity 
were selected for the present study. These proteins belong to various classes of 
small globular proteins, with the selected set being rather representative. As 
described in the Methods section, the relative scaling of the various potentials of the 
model force field has been adjusted in a series of ab initio folding simulations on 
several (different from described here) small proteins. For the tuning of the template 
restraint contribution, three proteins, 2pcy, 256b and Ihom, were selected. These 
proteins belong to rather different structural classes: 2pcy is a quite irregular P-type 
protein with a very poor initial threading-based model, when the 2azaA template is 
used. 256b is a compact, four-helix bundle, where the original alignment appears to 
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be quite good; however, the template and target structures have a different packing 
5 of helices that needs to be significantly readjusted to obtain a reasonable model. A 
very different example is Ihom. Here, the target fold is not very compact, and it is 
important to see if the proposed procedure can handle such small open structures. 
All proteins were subject to the previously described model building/refinement 
procedure. The list of these proteins is given in Table Vni. The threading 
2Q alignments have been generated by a standard threading algorithm.'^ These 
alignments are compiled in Table EX. Tables VIII and DC appear below. 

^ Table VIII. List of target/template pairs studied in this work 



15 



20 



25 



Target Protein 
PDB Code Name 


Length 


Template Protein 
PDB Code Name 


Length 


laba 


Glutaredoxin 


87 


lego_ 


Glutaredoxin 


85 


IbbhA 


Cytochrome C 


131 


2ccy_ 


Cytochrome C 


127 


Icewl 


Cystatin 


108 


ImolA 


Monellin 


94 


lhom_ 


Antennapedia 


68 


llfb_ 


Transcription 


77 




protein 






factor 




Istfl 


Papain 


98 


ImolA 


Monellin 


94 


Itlk 


Telokin 


103 


2rhe 


Immunoglobulin 


114 


256bA 


Cytochrome C 


106 


lbbh_ 


Cytochrome C 


131 


2a2aA 


Azurin 


129 


lpaz_ 


Pseudoazurin 


120 


2pcy_ 


Plastocyanin 


99 


2azaA 


Azurin 


129 


2sarA 


Ribonuclease 


96 


9mt 


Ribonuclease 


104 


3cd4_ 


T-cell surface 


178 


2rhe_ 


Inununoglobulin 


114 




glycoprotein 










5fdl 


Ferrodoxin 


106 


26cd 


Ferrodoxin 


81 
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Table IX. Starting alignments employed in model building 



1 aba_: — MFKVYGYDSNIHKCGPCDNAKRLL — TVKKQPFEFINI- 
MPEKGVFDDEKIAE-LLTKLGRDTQIG 

lego_: MQTV— IFGRS — GCPYCVRAKDLAEKLSN- 
ERDDFQYQYVDIRAEGI-TKEDLQQKA GKPVE- 

laba_: LTMPQVFAPDGSfflGGFDQLREYFK- — 

lego_: -TVPQIFV-DQQfflGGYIDFAAWVKENLDA 

IbbbA: -AGLSPEEQIETR— -QAGYEFMG— 

W^IMGKIKA^ILEGEYNAAQ^^AAANVIAAIANSGMGALYGPG-TD 
2ccyA: QS— 

KPEDLLKLRQGLMQTLKSQWVPIAGFAAGKADLPADAAQRAENMAMVAK 
LAPIGWAKGTEAL-PNG- 

IbbhA: KNVGDVKTRVKPEFFQN- 

MEDVGKIAREFVGAANTLAEVAATGEAEAVKTAFGDVGAACKSCHEKYR 
AK 

2ccyA: ETKPEAFGSKS-AEFLEGWKALATESTKLAAAAKAGP- 

DALKAQAAATGKVCKACHEEFKQD 

Icewl: GAPVPVDE-NDEGLQRALQFAM-AEYNRASNDKYS- 

SRWRVISA KRQLVSGIK-YILQV- 

ImolA: GEWEI— IDIGPF — 

TQNLGKFAVDEENKIGQYGRLTFNKYIRPCMKKTIYENERE 

IKGYEYQLYV 

IcewI: EIGRTTCPKSSGDLQSCEF — HDEPEMAKYTTCTFWYSIP— 
WLNQIKLLESKCQ- 

1 molA: Y ASDKLFRADISEY KTRGRKLLRFNGPV PPP 
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lhom_: MRKRGRQTYTRYQTLEL — EKEFHFNRYLTRRRR 

BEIAHALC L 

1 1 fb_: RFKWGPAS-QQI-LFQAYERQKNPSKEERETLVE- 

ECNRAECZQRGVSPSQAQGLGSNLV 

lhom_: TERQIKIWFQNRRMKWKKENKTKGEPG 

lHb_; TEVRVYNWFANR— RKEEAFRH — 

2pcy_: — IDVLLGADDGSLAFVPSEFSISFGEKTVEK 

NNAGFPHNIVFDEDSIPSGVDASKISMSE 

2azaA: AQC-EATIESND-AMQYDLKEMWDKSCK- 
QFTVHLKHVGKMAK5AJVIG--HNWVLTKEADKEGVATDGMNAGL 

2pcy_: EDLLNA KGETFEVAL SNKGEYSFY- 

CSPHQGAGMVGKVTVN- 

2azaA: 

AQDYVKAGDTRVIAHTKVIGGGESDSVTFDVSKLTPGEAYAYFCSFPGHWA 

MMKGTLKL-SN 

Istfl: -MMSGAPSATQPATAETQ-HIADQV-RSQLEE-KYNKK-FPV- 
FKAVSFK SQWAGTNYFIKVHVGDE 

ImoIA: G 

EWEHDIGPFTQNLGKFAVDEENKIGQYGRLTFNKVIRPCMKK'nYENEREIK 
G-YEYQLYVYAS 

Istfl: DFVHLRVFQSLPHENKPLTLSNYQTNKAKHDELTYF 

1 molA: DKLFRADI-SEDYKTRGRKLLRF— NGPVPPP— 

ltlk_: VAEEKPHVKPYFTKTILDMD WEGSAARFDCKVEGY P — 

-DPEVMWFKDDNPVKES 

2rhe_: ESVLTQPPSASGT- 

PGQRVnSCTGSATDIGSNSVIWYQQVPGKAPKLLIYYNDLLPSG 

ltlk_: -RHFQIDYDEEGNCSLTISEVCGDDDAKYTCKAVNSLGEAT- — 
CTAELLVETM- 

2rhe_: VSDRFSASKSGTSASLAISGLESEDEADYYCAAWNDSLDEPGFGGG- 
-TKLTVLGQPK- 
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256bA: -ADLEDNMETLNDNLKV 

lEKADNAAQVKDALTKMRAAALDAQKAT-PPKLEDKSPD-S— 

IbbhA: 

AGLSPEEQffiTRQAGYEFMGWNMGKIKANLEGEYNAAQVEAAANVIAAIA 
NSGMGALYGPGTDKNVGDVKTRV 

256bA_: -PEMKDFRHGFDIL- 

VGQIDDALKLANEGKVKEAQAAAEQLKTTRNAYHQKYR-- 
IbbhA: KPEF-- 

FQNMEDVGKIAREFVGAANTLAEVAATGEAEAVKTAFGDVGAACKSCHEK 

YRAK 

2azaA: 

AQCEATIESNDAMQYDLKEMVVDKSCKQFTVHLKHVGKMAKSAM 

GHNWVLTKEADKEG VATDG 

lpaz_: ENIEVHM--LNKGAEGAMVFEPA— YI— 

KANPGDTVTFIPVDKG 

2azaA: MNAGLAQDYVKAGDTRV- 

lAHTKVIGGGESDSVTFDVSKLTPGEAYAYFCS-FPGHWA-MMKGTLKLSN- 



lpaz_: HNVESIKDMIPEGAEKFK SKINENYVLTVTQ-PG-AYLVKCTP- 

-HYAMGMI-ALIAVGDSPA 

2azaA: 

lpaz_; NLDQIVSAKKPKIVQERLEKVIA 

2sarA: DVSGTVCLSALPPEATDTLNLIAS-DGPFPYSQDGV — 

VFQNRESVLPTQSYGYYHEY 

9rnt_: ACDYTCGSNCYSS SDVSTAQAAGYKL—HEDGETVGSNSY- 

PHKYNNYEGFDFSVSSPYY 

2sarA: TV- ITPGARTRGTRRnCGEATQEDYYTGDHYATFS— LIDQTC- 



9rnt_: EWPILSSGDVY-SGGSPGADRWFN— ENNQLAGVITHTGASGNN- 
FVECT- 
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3cd4_: K- — KWLGKKGDTVELTCTASQKKS — IQFHWK— 
NSNQIKILGNQGSFLTKGPSKLNDRAD-SRRSL 

2rhe_: 

ESVLTQPPSASGTPGQRVTISCTGSATDIGSNSVIWYQQVPGKAPKLLIYY--- 
NDLLPSGVSDRFSAS — 

3cd4_: WDQGNFPLIIKNLK— - 

BEDSDTYICEVEDQKEEVQLLVFGLTANSDTHLLQGQSLTLTLESPPGSSPSV 
QC 

2rhe_: KSGTSASLAISGLESEDEADYY— CAAWNDSLDEPG 

FGGGTKLTVLGQPK 

3cd4_: 

RSPRGKMQGGKTLSVSQLELQDSGTWTCTVLQNQKKVEFKIDIVVLA 
2rhe : 



5fdl_: AFWTDNCIKCKYTDCVEVCPVDCFYEGPNFLVIHPDEC- 
IDCALCEPECP-AQAIFSEDEVPEDM-QEFIQL 

2fxd_: PKYnVDKETCI 

ACGACGAAAPDIYDYDEDGIAYVTLDDN 

5fdl_: NAE — LAEVWPNITE-KKDPLPDAEDWDGVKGKLQHLER— 
2fxd_: QGIVEW-DILIDDMMDA--FEGCPTDSIKVADEPFDGDPNKFE 



Compilation of the modeling results 

Due to its stochastic character, the entire simulation procedure was repeated 
several times for each case of the target template chains. The resulting structures 
were then subject to a refinement run. Namely, the algorithm employed in the first 
stage of the Monte Carlo modeling (starting fi-om the initial, "old" threading-based 
alignment and performing all the updates of the alignment described in the 
"implementation of the template restraints" section) was used in short isothermal 
runs at low (T=l) temperature, with the final structure obtained at the end of the first 
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state of Monte Carlo used as input. At this temperature, the model did not change 
any of its global features, rather only local fluctuations were seen. The average 
conformational energy, which included the intrinsic force field of the model and the 
effect of template restraints, was then used to select the "best" structure. The model 
had quite a strong RMSD versus energy correlation far fi-om the native state. Closer 
to native state, the two quantities became uncorrected or the correlation was weak, 
depending on the case. It should be pointed that out that this refers to the entire 
force field (intrinsic and the template biases). A quite different situation was 
observed for just the intrinsic force field; this was the strongest correlation of RMSD 
versus energy near the native structure (unpublished results). Since all the models 
were, at best, of moderate resolution, this criterion was no better than the one based 
on the total energy. The lowest average (total) energy conformation fi-om these 
short isothermal runs was selected for further consideration. For example, in the 
case of Itlk, a structure that had a RMSD of 4.4 A firom native was selected, while 
several simulations resulted in structures about 3 A from native. 

Tables X and XI, below, contain a compilation of the simulation results. 

Table X. Alpha carbon RMSD from native for models built firom the initial 
threading aligiunents and refined by lattice simulations. 



Target Protein Threading +MODELLER SICHO +MODELLER 



laba_ 4.43 4.86 

IbbhA 6.77 6.82 

Icewl 14.96 14.38 

lhom_ 7.82 3.70 

Istfl 6.40 5.95 

ltlk_ 7.23 4.17 

256bA 6.09 4.36 

2azaA 21.95 10.77 

2pcy_ 6.56 4.41 

2sarA 10.28 7.83 

3cd4_ 6.74 6.39 

5fdl 25.67 12.40 
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^ Note: The threading + MODELLER models use the threading alignments (for the aligned residues) as 

the target for all-atom reconstruction. SICHO models are the reduced lattice models obtained by the 
method described in this work. The final all-atom model is also buih by MODELLER using as a 
target the lattice model alpha carbon positions estimated from the SICHO lattice model. The values 
of the RMSD for alpha-carbon traces (in A) are given for the structured parts of the target molecules 
(lhom_: residues 7-59, ltlk_: residues 9-103, 3cd4_: residues 1-97 i.e., the first domain). 

10 

Table XI. Alpha carbon RMSD (in A) from native for models built by MODELLER 
and by lattice simulations SICHO for the aligned residues only. 







Target 
Protein 


Starting 
RMSD 


MODELLER 
RMSD 


SICHO 
RMSD 


Length 




15 


laba 


4.37 


3.89 


4.40 


69 






IbbhA 


7.03 


6.35 


6.69 


116 






Icewl 


12.88 


12.37 


10.74 


69 






Ihom 


5.59 


5.34 


3.45 


40 






Istfl 


7.05 


6.04 


4.73 


83 


fll 




Itlk 


7.88 


7.15 


3.94 


86 






256bA 


6.92 


6.06 


4.37 


104 




20 


2azaA 


11.04 


13.53 


9.94 


80 




2pcy_ 


7.64 


6.65 


4.36 


94 






2sarA 


8.28 


8.07 


7.60 


73 






3cd4 


5.72 


5.56 


5.22 


82 






5fdl_ 


12.38 


12.18 


11.94 


69 



Note: The starting RMSD is for the set of threading-aligned residues of the template from the 
25 equivalent native target coordinates. The MODELLER models use the threading alignments and an 

all-atom target SICHO models are the all-atom models built by MODELLER using the lattice 
models (only Ca) as a target. The length of the alignments is given in the last column. 



In Table X, the Ca RMSD from the native are compared for two kinds of 
molecular models. The first were generated using the initial threading template 
followed by automated modeling using MODELLER. While this homology 
modeling tool is not intended to be used in such a way, some means was needed for 
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comparing the two automated methods of model building from poor initial data. 
The second set of RMSD values is for the present lattice models, which for a 
convenient comparison were converted into the full-atom models also via an 
automatic application of MODELLER (with lattice models of the Ca backbones 
used as templates). As indicated, the most significant improvement of the model 
quality occurs when the threading alignment produces a rather poor but not 
nonsensical initial model (compare Tables X and XI). As shown in Table XI, for 
small globular proteins, such threading-based models have an RMSD in the range of 
6-8 A from native (over the aligned firagments). When the threading models are 
poor, eg., for Icewl or 2azaA, the improvement is rather small. At the other extreme 
are those cases when the alignment is good, and the resulting RMSD relatively 
small. Here also, the changes are small because the models are already good. 
Importantly, the procedure essentially does no harm to these models; thus, it can be 
applied to all situations with impunity. In summary, in 6 of 9 test cases (in 9 of 12 
including the three proteins employed in the model turning procedure), the models 
generated by the invention give lower values of RMSD over the set of aligned 
residues. In the three remaining cases, the changes in RMSD were insignificant 
(essentially in the range of the statistical fluctuations). In five cases, qualitative 
improvements were observed (for the aligned residues as well as for entire models; 
compare data given in Table 4): from 5.6 A to 3.5 A for Ihom, from 7.1 A to 4.7 A 
for Istfl, from 7.9 A to 3.9 A for Itlk, from 6.9 A to 4.4 A for 256b or from 6.6 A to 
4.4 A for 2pcy. These numbers were for the initial threading and final lattice 
(refined with MODELLER) models, respectively. It should be noted that the 
MODELLER refinement of the final lattice models changed their RMSD very little 
(in the range of 0.2 A), while the improvement of the initial threading models by the 
application of MODELLER was more noticeable. 

It is very interesting to see how the proposed procedure deals with the non- 
aligned part of the model. Comparison of the RMSD values for the aligned parts 
(Table XI) and for the entire structured parts (Table X) of the model reveals that the 
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algorithm built rather reasonable models of that entire structure, provided there was 
a well defined fragment of good geometrical fidelity in the original alignment. 
Again, in all but two cases, the present method lead to more accurate models. For 
both the aligned part of the molecules and for entire chains (Table 4), good models 
were generated in about half of the studied cases (including all three proteins used in 
the model turning procedure). In the remaining cases, models were seen that were 
marginally improved, as for 3cd4, or that remained rather poor final models, as for 
2a2aA or 5fdl; this was true despite an RMSD decrease of more than 10 A, as 
compared to models generated automatically by MODELLER fi*om the initial 
threading results. 



1 s Discussion 

Means of the model improvement 

There are several ways in which the invention changes the protein model 
fi-om the original fi-agmentary threading model. First, non-aligned parts (e.g., loops) 

20 are added and readjusted according, to packing requirements and the preferences 
encoded in the force field. Then, the entire chain has some freedom of movement 
within the template tube without any changes in its template-target sequence 
assignment. Furthermore, parts of the chain can slide along the tube, thereby 
allowing for a quite substantial modification of the initial alignment and, 

25 consequently, the resulting structure. Finally, the aligned fragments can leave the 
tube in a lateral direction. These segments can enter a different part of the template 
tube or remain outside of it. Such motions of the model chain could result in a large 
change of the structures, or even a change of the fold topology. The last, rather 
radical mode of the model rearrangements happened in several cases. In other 

30 words, the most effective way of model improvement was by neglecting a part of the 
threading alignment, even at the expense of various template-related energetical 
penalties. Interestingly, those sections of the threading-based model that were 
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consistent with the target structure underwent only very minor changes in all cases, 
and the alignment remained unchanged. As discussed below, this observation may 
help identify those models that should be of good quality from those for which 
improvement of the starting threading model is not satisfactory. 

Below, for three selected cases, more detailed specific rearrangements of the 
initial threading models that took place during the Monte Carlo simulations are 
presented. 

2pcy 

The threading alignment of the 2pcy sequence on 2azaA covered a 
substantial part of the sequence. There are gaps of substantial length. As a result, 
the threading model had the wrong topology, and two-edge strands of the eight- 
member P-barrel (one in each of the two P-sheets) were located in the wrong sheets. 
This was the reason for the resulting 7.6 A RMSD from native for the models built 
solely from the threading alignment. During the simulations, the three C-terminal 
strands remained almost unchanged. Similarly, the three N-terminal strands 
underwent only small adjustments; however, in several models, one or two strands 
slid along the tube by a distance that sometimes changed the original alignment by 
one or two positions. The central fragment of the model chain (two putative 
irregular strands, with a couple of short helices breaking these strands) was 
responsible for the large RMSD in the initial model. The algorithm erased most of 
the template-target assignments in this part of molecule. Partly this occurred 
because of the compactness criterion; several residues did not have any long-range 
contacts in the threading model. During the simulated annealing process, residues 
30-37 (small differences in the extension of this fragment can be seen between the 
particular runs) switched their sheet assignment, and joined the tube fragment 
associated with one of the C-terminal P-strands, the third one from the C-terminus. 
This was seen in the final "new assignment", or pseudo-alignment. At the same 
time, the second strand (completely helical in the threading model) moved to the 
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second sheet, and the long helix breaks and becomes distorted, as actually occurs in 
2pcy 's native structure. Most of the displaced residues joined the tube fragments 
generated by various secondary structural elements of the template, but only a few 
maintained their original assignments to the template tube. This way the internal 
force field of the lattice model overrode the target interactions, significantly 
correcting the threading model. The initial model and the final model are compared 
with the native structure in Figure 16, where stereo alpha-carbon traces are displayed 
in their best mutual superposition, using the MOLMOL^** drawing program. 

256bA 

With regard to this protein, there was a four-helix bundle and the threading 
alignment had a few gaps. The template structure was very similar to the target, but 
the threading model was not very good. During the simulations, most of the 
C-terminal helical hairpin remained almost unchanged, except for the loop region 
that was very mobile. The third (first helix of the C-terminal hairpin) helix of the 
model was the most stable. The N-terminal hairpin underwent a large-scale 
rearrangement. The second helix underwent a rotation that changed its packing 
angle with respect to the remainder of the molecule. As a result, the end of this helix 
moved by about 7 A in a lateral direction, while the beginning of this helix stayed 
close to its original position. The largest changes were observed for the first N- 
terminal helix. It moved along the tube, changing assignment indices by several 
residues (up to 8); a lateral adjustment took place as well. The initial model and the 
final model (superimposed onto the native structure) are compared in Figure 17. 
The helical regions of the final model are very close to the native structure; the 
largest errors that account for most of the structure errors are in the central turn/loop 
region. 
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5 Telokin is a quite regular P-protein. Again, due to gaps and insertions, the 

threading model for it produced a wrong topology. During the simulations, one of 
the P-strands from the original model left the initial assignment and stuck to the tube 
of a strand from the opposite sheet. Two P-strands that were not in the threading 
model (lack of the alignment assignments) were built in the simulated annealing 

10 procedure, and they joined tubes associated with existing strands. The entire 
structure, except for the last P-terminal p-strand that remained essentially 
unchanged, rearranged substantially. Mostly lateral (orthogonal to the local 
direction of the template tube) displacements occurred in the range of 6 A for about 
half of all the residues. As a result, the model improved its RMSD by almost 4 A, 

1 5 The initial model and the final model (superimposed onto the native structure) are 
compared in Figure 18. 

How to identify good models 

As mentioned above, the instant invention generates low to moderate 
20 resolution models of correct topology in those cases when the initial threading-based 
alignment leads to at least a partially correct structure, z.e., where a part of the 
identified template is close to the target structure. How to {a priori) distinguish a 
good (threading-based) alignment from a poor one is a non-trivial question. 
Unfortunately, there is not yet a general solution to this problem. 
25 The intrinsic force field of the reduced model correctly identifies the native 

structure (the lattice protection) as the lowest energy conformation when compared 
with the models generated by MODELLER from the initial threading alignments. 
The models obtained in the lattice homology modeling are described herein. In all 
cases except one (IbbhA, where MODELLER gave a slightly better result than the 
30 present method), the energy of the models built by the present method is 

significantly lower than other worse models (including these built by automatic use 
of MODELLER). While interesting, there remains a need to be able to distinguish 
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those target/template pairs where the final model is of reasonable quality from those 
cases where, despite a sometimes large improvement of the initial models, the 
resulting structures are still far from the native target conformation. Unfortunately, 
simple energetic criteria (conformational energy per residue in the final model, 
decrease of energy from the starting model to the final model, etc.) do not enable 
identification of these poor quality structures. 

The previous section discussed how the modeling procedure of the invention 
improves the initial, threading-based model. This could be actually used for a 
qualitative identification of better models. Consider the displacement of particular 
residues (as a fimction of their position along the chain) during the entire simulation 
procedure. In those cases where the final model is of good quality, the plots indicate 
relatively well separated regions where the chain modifications were small and also 
indicated regions of large modifications. This is consistent with the previously 
mentioned characteristic behavior of "good" models, for which some ligaments of 
alignments are recognized by the procedure as being very good and behave as a 
scaffold for readjustment of the remainder of the protein. In contrast, poor models 
are characterized by random fluctuations of the spatial amino acid displacements 
along the sequence. In such cases there is no pattern. Perhaps, there is a huge 
energy barrier between the starting model and the better, near native models that 
cannot be surmounted by partial readjustment of the initial alignment. Examples of 
both situations are given in Figures 1 9 and 20. The lowest (and locally similar) 
displacement (during the modeling procedure) regions identify the regions of an 
optimal (or very close to optimal) alignment. While the above is not easy for a 
simple quantification, it still can be used as a heuristic criterion for the identification 
of cases where the method proposed in this work is likely to provide relatively good, 
low resolution models. Figure 21 shows the plot of model accuracy (measured as 
the alpha carbon RMSD from native) as a function of the variability in the model 
chain mobility during the simulations. Unfortunately, the correlation is not very 
strong. Consequently, the mobility criterion has to be used with caution. Rather 



SD- 144976. 1 



108 



250/076 



plots as given in Figures 19 and in 20 can be used to identify the best fragments of 
5 threading models. Indeed, there are very strong correlations between the lowest 
mobility and the best structural fidelity (to the target structure) of the model chain 
fragments. This may have some other applications, where assessment of the 
reliability of various parts of a model structure is needed. 

10 Summary and Conclusion 

In this example, the invention again was shown to be useful in predicting 
medium- to low-resolution protein structures based on homology or sequence- 
structure compatibility. Here, the initial alignment between the target and template 
was generated by a threading procedure. Of course, alignments also can be obtained 

15 by other means, e.g. , from sequence alignments. Such templates are used to. guide 
Monte Carlo simulations that employ a reduced protein chain representation built 
using pseudoatoms to represent the side chain center of mass of the various amino 
acid residues of a protein or protein domain. In contrast to the method of example 1 , 
the pseudoatoms of the SICHO model used here took also took account of alpha- 

20 carbon atoms, in addition to the corresponding side chains. This alternate 

embodiment of the model proved capable of making large structural rearrangements 
that, in about a third of studied cases, lead to qualitative improvements in the initial 
poor models. In some other cases, despite a huge decrease in the RMSD between 
the model and the target native structure, the final model was still not satisfactory. 

25 The analysis of the simulation trajectories allows for the plausible identification of 
those cases where the final model improves qualitatively with respect to the initial, 
threading-based model. 

The present invention is useful for large-scale protein structure and function 
prediction. Using the invention, it is possible to identify the biochemical function of 

30 a protein function having a model with a 5-6 A backbone RMSD.^*^ Certainly, it 

would be much more difficult, if not impossible, to make such an identification for a 
model with an 8 A Ca RMSD from native polypeptide. For example, the model of 
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plastocyanin (2pcy) generated above had its four copper-binding residues much 
^ closer to their native position than predicted by the threading-based model. Thus, 

having a structural template of this active site (eg., an FSD), the model structure can 
be identified with high fidelity as a copper-binding protein. The results above show 
that for many new or known proteins (e.g., those identified in the course of high 
throughput nucleic acid sequencing programs), the invention can be used to identify 
jQ their function(s). The invention also complements sequence-based and threading 
methods, and provides a basis for improving initially poor and incomplete models. 
Additionally, the invention is also complementary to standard homology modeling 
tools, enabling homology modeling in those cases where the template is structurally 
very far from the target structure. 

15 
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♦ * 4t 

One skilled in the art will readily appreciate that the present invention is well 
adapted to carry out the objects and obtain the ends and advantages mentioned, as 
well as those inherent therein. SICHO, as implemented above, is exemplary and is 
not intended as limiting the scope of the invention described herein. It will be 
readily apparent to one skilled in the art that varying alterations and modifications 
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may be made to the invention disclosed herein without departing from the scope and 
spirit of the invention. 

All patents, patent applications, and publications mentioned in the 
specification are indicative of the levels of those skilled in the art to which the 
invention pertains, and are hereby incorporated by reference to the same extent as if 
each individual publication was specifically and individually indicated to be 
incorporated by reference. 

The invention illustratively described herein suitably may be practiced in the 
absence of any element or elements, limitation, or limitations not specifically 
disclosed herein. The terms and expressions which have been employed are used as 
terms of description and not of limitation, and there is no intention that in the use of 
such terms and expressions of excluding any equivalents of the features shown and 
described or portions thereof, but it is recognized that various modifications are 
possible within the scope of the invention claimed. Thus, it should be understood 
that although the present invention has been specifically disclosed in various 
embodiments, modification and variation of the concepts herein disclosed may be 
resorted to by those skilled in the art, and that such modifications and variations are 
considered to be within the scope of this invention as defined by the appended 
claims. 

The invention has been described broadly and generically herein. Each of 
the narrower species and subgeneric groupings falling within the generic disclosure 
also form part of the invention. This includes the generic description of the 
invention with a proviso or negative limitation removing any subject matter from the 
genus, regardless of whether or not the excised material is specifically recited 
herein. 

Other embodiments are within the following claims. 
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